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Abstract

Marriage in India is largely controlled by hanging norms such as arranged mar-
riage and sociocultural markers such as the caste system. Caste endogamy;, i.e., mar-
rying within the same caste, remains one of the strongest pillars of the caste system
in the Indian society, with close to 86% of endogamous marriages in the 2020 mar-
riage cohort. We perform a causal analysis of whether school expansion in rural India
had any impact on the increase in inter-caste marriages (ICM), exploiting variation in
school openings across different locations at different times. A 1 standard deviation
(SD) change in school openings (per village) increases ICM by 5.67%. Exploring the
underlying mechanisms, we do not find completed years of education to be the driver,
suggesting contact theory, delayed age at marriage, and/or education assortativity are
likely mechanisms. These results suggest that education, development, and broader
modernization forces can be a driver of family change in India, albeit their relevance

may be lower than in other low- and middle-income countries (LMICs).
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1 Introduction

Divisions along caste lines remain a strong defining feature of Indian society. While sev-
eral traditional systems of social stratification, such as slavery, racism, gender, and class
are undergoing relatively rapid changes across the world, the caste system seems to retain
its power and to keep regulating the lives of over 1.4 billion people irrespective of religion
and ethnicity (Gundemeda, 2020; Vaid, 2014). One of the key characteristics of the caste
system is the closed system of marriage or “caste endogamy” (Davis, 1941). Inter-caste
marriages (ICM) are still relatively rare in rural and urban India. According to Caldwell
etal. (1998, p. 146), even though “some erosion of arranged marriage has begun [...] and
an increase has occurred in cross-caste marriage,” these marriages still tend to be between
castes of a similar hierarchical level (Caldwell et al., 1983). Despite increase in ICM and
uneven prevalence across states, the desire to marry within caste remains strong (Banerjee
etal.,, 2013). Open questions remain about the kind of societal changes and/or actual poli-
cies that may contribute to weakening the caste-endogamy system. Goli et al. (2013) sug-
gests that increase in mixed marriage in India is associated with changing socioeconomic
and cultural values, alongside the impact of Western education and economic diffusion.
Despite knowing the importance of education in understanding and appreciating the di-
verse perspectives, promoting social integration and interaction, little is known about its
impact on weakening caste boundaries. Therefore, in this paper, we look at the impact of
education expansion on ICM in rural India.

The education sector in India has expanded massively since independence.' To attain
universalization of elementary education, the main focus was on improving access to pri-
mary schools within each habitation, substantially expanding primary schools in rural
India. This rapid proliferation of primary schools in rural areas has played a an important
role in India achieving universal primary school enrollment in last few decades. Though
the expansion of education is linked to developing a knowledge-based economy (Mander
and Prasad, 2014), its impact on the dynamics of family formation is yet to be thoroughly
assessed.

In this paper, we study whether exposure to primary school expansion increases the prob-
ability of ICM in India. Using longitudinal data on school openings from the District Infor-
mation System for Education (DISE) merged with the Indian Census 2011 and two waves
of the National Family Health Survey (NFHS), we address this question leveraging vari-

!Number of schools has grown more than ten times since independence, from about 141,000 to over 1.5
million (Ministry of Education 2021).



ation in primary school expansion across different locations at different times. We do so
by focusing on rural areas — those that experienced “positive shocks” in school expansion

at the right school-going age- as well as on men. ?

We find that a one-unit increase in the number of primary schools within a village ina 5 km
NFHS cluster during an individual’s primary school-going age (0-9 years) leads to an in-
crease in education and age of marriage for men by 0.6 years and 0.54 years, respectively.
Additionally, the effect of primary school expansion on ICM is positive and statistically
significant. Specifically, a one-standard deviation increase in school expansion raises ICM
by 5.67 % of the sample mean. Notably, increased education years and delayed age of mar-
riage do not appear to be potential channels, suggesting that contact theory may provide
a plausible explanation.

Assessing the implications of schooling expansion on inter-caste marriage is fundamental
for at least two reasons. First, inter-caste marriage is a family domain that has shown high
inertia over the past century, leading to a reinforcement of the common perception that
family forms and structures in India only weakly respond to development, urbanization,
and modernization forces that are pervading low- and middle-income countries (LMICs).
This aspect has key implications for policymaking, as it would suggest that social policies
targeted towards families would do little to shape intrinsic features of the family system.
Conversely, should schooling have the — at least minor — potential to affect socio-cultural
markers of the Indian family system, then policymakers may push towards redirecting
resources to promote, strengthen, and sustain human capital accumulation across the life
course and across all strata of society — thus identifying a clear and effective policy lever.

Second, it is undeniable that the persistence of the caste system and, especially, the sus-
tained high prevalence of caste endogamy in marriage has huge implications for societal
inequalities in that it minimizes social mixing and integration, reinforcing societal homo-
geneity and contributing to the reproduction of intergenerational inequalities (Blau et al.,
1984; Golebiowska, 2007; Goli et al., 2013; Singh et al., 2023; Munshi, 2017). ICM not only
directly weaken the foundation of caste system but also lessen the social distance between
minority and majority groups (Sharma, 2019; Song, 2009). Higher social integration and
societal heterogeneity have been shown to correlate importantly with greater solidarity,
trust, and higher social mobility (Roth and Peck, 1951; Schwartz et al., 2016). Therefore,
our study has profound implications for the study of intra- and intergenerational social

ZMajority of women migrate after marriage, and surveys do not capture childhood information, not al-
lowing us to know their exposure to opening up of schools.



mobility in the Indian context.

Our study makes following important contributions to the existing literature. First, extant
literature on education and ICM in India mainly focused on the role of parents education
and its association with ICM (Ray et al., 2020; Sharma, 2019). Our study contributes to
this discussion by highlighting how a spouse’s exposure to school expansion during early

childhood, particularly men, can influence ICM in rural India.

Second, while micro-level studies in India and other countries show a positive link be-
tween expanding education and changing marriage practices, including inter-caste mar-
riages (Sarkar, 2022; Dommaraju, 2010; Medhe, 2019; Sharma, 2019; Singh et al., 2023), it
remains uncertain whether this relationship is causal. Therefore, our study contribute to
this strand of literature by providing casual impact of expansion of education on ICM us-
ing cohort analysis and two way fixed effects. Similar strategies leveraging school-supply
“shocks” have been adopted to study polygamy in Cameroon (André and Dupraz, 2023),
child health in Taiwan (Chou et al., 2010), wages and education in Indonesia (Duflo, 2001),
and India (Khanna, 2023), and choice of school track in France (Garrouste and Zaiem,
2020).

The economics literature on the marriage market in India has primarily centered on dowry
payments and marriage patterns (Anukriti et al., 2022; Chiplunkar and Weaver, 2023).
Our paper extends this limited empirical literature on the marriage market by examining

the dynamics of school expansion and inter-caste marriage (ICM) in rural India.

This paper also contributes to the growing literature on early childhood intervention and
its long-term economic implications (Bharadwaj et al., 2013; Boucher et al., 2020; Bharti
and Roy, 2023). We enhance this literature by investigating how exposure to school expan-
sion during the formative years of men influences marriage market outcomes, specifically
ICM. Our findings underscore the importance of targeted interventions in early childhood
to weaken caste divisions in rural India.

Lastly, previous studies at the national level that have explored the connection between
education and ICM have relied on older datasets. Our study offers a more updated pic-
ture on the prevalence and trends of ICM, utilizing some of the latest datasets available
compared to earlier studies.

This study is structured as follows. Section 2 provides context — recent trends in changes



in families — and data. Section 3 provides some descriptive statistics of the sample. Sec-
tion 4 describes empirical strategy. Section 5 discusses the results in detail along with

important heterogeneity. Section 6 concludes with discussion and policy implications.

2 Context and Data

2.1 Context

Marriage is treated as an alliance between two families rather than two individuals
(Béteille, 1991), making parents the central figure in decision-making. Marriages are typ-
ically arranged by the family with careful consideration of caste, religion, language, and
other ethnic and socioeconomic attributes of both spouses while discouraging contact be-

tween them prior to marriage.’

2.1.1 Family Change in India

There have been some notable changes over time and space, such as the nuclearization
of families (Allendorf, 2013), increased involvement of couples in marriage-related deci-
sions, and the importance given to love and compatibility even within arranged marriage
settings (Caldwell et al., 1983; Uberoi, 2006; Fuller and Narasimhan, 2008). These have
been attributed to the rise in education levels, employment, and urban living; family ties
gradually loosened and changes in beliefs, norms, and practices (Ross, 1961; Kannan, 1963;
Corwin, 1977; Thornton, 2001).

A major reported shift has occurred in the increasing age at marriage. The mean age at
marriage was 18 years for women and 23 years for men in the 1991 census (Bhagat, 2016),
which increased by two years in the 2011 census, elevating the median age at marriage
to 20 years for women and 25 years for men. Marriages below the legal age for women
(18 years) have dropped from 47% for age group 45-49 to 23% for age group 20-24, while
marriages below the legal age for men (21 years) dropped from 27% for age group 45-49
to 18% for age group 20-24 years according to the NFHS 2019-21 report. The revival of in-
tergenerational co-residence is another important development that could hinder shifts in
couple formation from traditional norms to modern ways, including ICM, as studies have
found household factors, such as household size, economic status, and parental education
(Ray et al., 2020; Goli et al., 2013), as important factors driving these changes.

3Premarital courtships and love marriages were largely discouraged as these often led to irrational part-
nering outside the well-formulated norms.



2.1.2 Prevalence and trends in inter-caste marriage

Encouragement of ICM has been one of the tools of Indian governance systems to usher
in multiculturalism, eradicate untouchability, and facilitate social integration. Inter-caste
marriages were written into law in India by the Special Marriage Act of 1872 and rec-
ognized by the Hindu Marriage Act of 1955. In 2011, the Supreme Court of India de-
clared that ICMs are in the national interest and provide a unifying factor for the nation,
as there has never been a bar on inter-caste or inter-religious marriages in independent
India.* These statements even translated into policy initiatives, such as the “Dr. Ambed-
kar Scheme for Social Integration through Inter-Caste Marriages 2013”, with a monetary
incentive to inter-caste couples. Regardless of such policies, efforts, statements, and pub-
lic acknowledgments, most marriages continue to take place within the same caste, due to
widespread opposition in the society.”

Figure 1 shows a close-to-monotonic increase in ICM from 10.4 in the earliest marriage co-
hort (1981-85) to 14.8 in the latest marriage cohort (2016-2020) using two waves of NFHS
data from the whole of India. A 4.4 percentage-point increase over 40 years may be deemed

negligible, yet it corresponds to a 42 percent increase.

IHDS datasets, using jati (definition for caste), the ICM stands at 5%, with state-level vari-
ation such as Punjab (12%), West Bengal (9%), and Gujarat (8%). ICMs are found to be
higher in urban areas, among the economically, educationally, and culturally advanced
groups (Goli et al., 2013) .° Focusing on the second round of the IHDS, Sharma (2019)
finds the proportion of women marrying beyond caste boundaries to be higher for younger
(less than 19) as well as older (above 30) brides.

2.1.3 Education and ICM

Education has the potential to mitigate rooted prejudices and stereotypes, and educational
institutions can serve as platforms for social mixing and social integration, in turn shap-

ing perceptions and attitudes toward the “other” (Ray et al., 2020). There are broadly 4

4In 2018, the Court reiterated that marriage between consenting adults is fully legal, notwithstanding
their caste, and underlined the rights of adults to choose their partners as well as the need for society to
learn to accept inter-caste and inter-faith marriages.

541% of adults in Delhi and 62% of adults in UP were in favor of laws banning intermarriage between
high and low caste (Hathi, 2019).

®(Munshi and Rosenzweig, 2009), through their primary data, also finds similar estimates: among 25-
40-year-olds, ICM was 7.6% in Mumbai in 2001, 6.2% in South Indian tea plantations in 2003, and 5.8% for
the rural Indian population in 16 major states of India in 1999.



perspectives on why education can impact ICM:

First, according to the “enlightenment perspective,” more education gives the ability to
better analyze and understand different points of view, processing information through
value systems that go beyond their own (Deary et al., 2008; Schoon et al., 2010), thus gen-
erating more tolerance towards others (Hathi, 2019; Hodson and Busseri, 2012).” Second,
the “cultural adaptability hypothesis” postulates that individuals with higher levels of
education and cognitive ability tend to have stronger motivation to adapt to foreign cul-
tures and are more inclined to change the behavior patterns used in their original culture
to adapt to the circumstances of the new environment, while lower-educated individuals
appear more “passive” when adapting to foreign cultures (chun Lin et al., 2012; Ray et al.,
2020).

Third, the “contact theory,” popular in sociology and psychology, suggests that inter-
group contact may effectively reduce prejudice and conflicts between majority and mi-
nority groups, leading to more acceptance and social mixing (Allport, 1979). Educational
institutions provide a platform for social mixing by boosting intergroup contact. Fourth,
“assortative matching behavior,” more educated males will tend to marry more educated
females. In a world of expanding education, the overall impact on ICM can go in any di-
rection (Ray et al., 2020; Furtado, 2012). If the group’s average education is higher than
that of the overall population, a more educated individual from that group may “marry
in.”

The first three suggest a positive relationship between increasing education and ICM,
whereas the fourth is unclear. The societal attitude captured through SARI, seems also
mixed; there is widespread opposition by high-caste individuals to intermarriage with
low-caste individuals, yet less opposition to intermarriage among higher-educated indi-
viduals (Hathi, 2019). Hence, a priori, the relationship is not straightforward.

3 Data

To assess the impact of school expansion on inter-caste marriages in rural India, we em-
ploy three separate datasets: (1) National Family Health Survey (NFHS) for the years
2015-16 and 2019-21, (2) District Information System for Education (DISE) data for 2011,
and (3) Census data from the Office of the Registrar General and Census Commissioner,

"It follows from the argument that the roots of prejudice and intergroup antagonism are uninformed
worldviews; thus, less education and lower cognitive ability are linked with starker prejudices, attitudes,
and stereotypes (Wodtke, 2012).



Government of India, for the year 2011.

3.1 Data on inter-caste marriage

The NFHS is a nationally representative household survey offering comprehensive infor-
mation on various aspects such as population, health, marriage, fertility, and nutrition.
The household selection follows a stratified two-stage sampling approach. In the initial
stage, Primary Sampling Units (PSUs), also referred to as clusters (equivalent to villages)
are selected from the 2011 Census list using probability proportional to size. In the sub-
sequent stage, an equal number of households (20) are randomly chosen within each PSU.

We use two rounds, namely NFHS-4 conducted in 2015-16 and NFHS-5 conducted in 2019-
21, to get inter-caste couples for our analysis. The survey interviews all women aged 15-49
and men aged 15-54 within the selected households. Our analysis focuses exclusively on
men, considering that women’s village of residence tends to change following marriage.®
We use the couple-level file in the NFHS, asking both husbands and wives the same ques-
tions about marriage. Our dependent variable is whether the spouses belong to different
caste groups. We restrict the sample to rural areas, with men above 22 years and older.

The NFHS also provides the geographical coordinates of each cluster. However, these
coordinates are randomly displaced within a 5-kilometer radius to ensure respondent pri-
vacy.” Since we do not know the exact cluster, we create a 5km radius buffer zone around
the given geographical coordinate of a cluster and create the main explanatory variable at

this buffer zone level.'’

3.2 Data on schools

We rely on the DISE-2011 data to look at the expansion of schools over time. DISE is an
annual data set that covers a universe of schools (nearly 12 million) all over India, with
school-level information, such as the year of opening of schools, type/levels of schools
(primary, secondary, higher secondary), school management structures (Department of
Education, Tribal/ Social Welfare, local body, private aided, etc.), and school’s highest and

8Evidence from Indian Human Development Survey 2011-2012 (IHDS II) data suggests that migration
among women is higher in rural India with more than 80 percent of women reporting that their childhood
residence is different from their current village of residence.

9The geographic coordinates of 99% of the clusters in the rural stratum were displaced up to 5 km, with
1% being displaced up to 10km. The displacement was restricted to keep the clusters in the same districts.

0There is 99% chance that the actual surveyed village is within this buffer zone. Further, to avoid the
measurement error, we only keep those villages, with at least 10% of their area falling into the 5km buffer
zone.



lowest grade levels. For our analysis, we focus on primary schools only.

Furthermore, it incorporates geographical details about the school, including district,
block, and village names, which link this data with the 2011 Population Census. How-
ever, without unique village-level codes in the DISE dataset, the linking process involves
name-based fuzzy matching. The fuzzy matching of village names is done within a given
district and subdistrict, to be precise. Further, a thorough manual examination is carried

out to keep precise matches.

This merged DISE-Census data is further combined with NFHS 5km zone data using
unique village-level census codes, and we keep only the relevant villages, i.e., falling
within the 5km buffer zone. This provides us with the school-level information within
the buffer zones. Using the year of opening of schools, we create an annual balanced
panel at the buffer zone ("DHS-5km cluster") of the number of primary schools ranging
from 1950 to 2012.

Lastly, we combine the couple dataset with the above-created panel dataset to compute
our main regressor — change in the number of schools in the husband’s first 9 years of

age."!

3.3 Village level characteristics

We obtained village-level characteristics from the latest round of Census data, which pro-
vides comprehensive information on population composition and village amenities. Our
village-level controls are constructed using primary census abstract and village directory
data. To conduct our analysis, we merged the Census data with DISE data at the village
level. It is important to note that there is no unique village identifier available that can
be used to merge Census and DISE files. Therefore, we use fuzzy matching techniques
to merge 2011 Census data with DISE data based on the state, district, block, and village
name. Total number of Census villages are 6,40,950 in 2011. However, 43,330 villages are
zero populated. We drop all such villages from our analysis. Since DISE covers only the
villages that have at least one school, all the Census villages without the primary school
also get dropped from our sample. Finally, based on fuzzy matching, we could match
404,926 number of villages. Subsequently, we merge this school and village-level data
with NFHS by utilising the geographical coordinates.

1Tt is simply the difference between the number of schools at age 9 and the number of schools at age 0
(i.e., birth year)



4 Descriptive Statistics

In the sample, the proportion of ICM is notably lower compared to marriages within the
same caste. Overall, the rate of ICM exhibits an upward trajectory between 1981 and 2021,
driven by all the caste categories, except a slight declining trend in the General Caste for
the last marriage cohort (Figure 1).

Appendix Figure A.I shows the cross-tabulations by husband and wife’s caste, providing
a glimpse into ICMs. As the presumed gap between the caste group increases, the rate of
ICM declines. For example, 83% SC men marry SC women compared to a meager 8.8%
marrying to OBC; 5.8% to ST, and only 2% to General caste. Conversely, when the husband
is from the SC caste, the inter-caste marriage share shows a declining trend. Similarly, 88%
ST men marry within their own caste, 7% to SC, 4% to OBC, and 1.2% to General.

In figure A.Il, we look at the descriptive visualization of the relationship between inter-
caste marriage rates and school exposure across different birth cohorts in rural India.
When schools are fewer (below the median), it indicates lower school exposure. In this
case, we observe a consistently higher level of ICM rates and school exposure. Notably,
the increase in ICM rates appears more pronounced within specific birth cohorts, high-
lighting that the impact of school exposure on inter-caste marriages varies across different
generations. To sum up, there is a positive association between school exposure and inter-
caste marriage rates. Our empirical analyses that follow attempt to identify this pattern
causally.

5 Empirical Strategy

To identify the effect of school expansion on inter-caste marriage, we need exogenous vari-
ation in school expansion such that individuals are assigned randomly to the change in
number of primary schools in a cluster. We use a combination of two exogenous variations
to estimate the causal effect. We first exploit variation in school expansion across different
birth cohorts within the same cluster. Our second source of variation is coming from men

in the same birth cohort exposed to different school expansions in different clusters.

5.1 Baseline Specification

Our baseline specification is as follows:
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where, y;q4, is 1 for inter-caste marriage for individual ¢ born (and living) in NFHS-5km
cluster d, belonging to birth cohort b. Our main coefficient of interest is 3, which cap-
tures the causal impact of primary school expansion on inter-caste marriage. The covari-
ate post g is a continuous variable capturing the intensity of the primary school expansion
for individuals i aged 0-9 years. It is measured as the change in the number of primary
schools per village'” for individual 7 in the first nine years of the birth (i.e., during age
0 to 9 years). The assumption is that opening new primary schools will impact the co-
hort who was 0-9 years old (the age of attending primary school); the later cohort will
miss the opportunity to attend newly opened primary schools. J; and p, are the cluster
and birth cohort fixed effects. The covariate post,;—; is the number of primary schools
per village one year before the birth- capturing the impact of the prevalence of existing
primary schools on individual i. X; includes individual-level controls like dummy for re-
ligion (Hindu and Muslim) and household current wealth.

Our main identifying assumption is that change in the number of primary schools in a
cluster is exogenous conditional on cluster and birth year fixed effect. We control for un-
observed differences in birth year by including birth year fixed effect (p;). Clusters with
large school expansion may be different from clusters that experienced less change in the
number of schools. We take into account such unobserved differences in clusters by con-
trolling for cluster fixed effects captured by d,.

While we believe that change in the number of primary schools in a cluster is exogenous,
there could be a concern that individuals may migrate to clusters with large school expan-
sion. Given the low level of migration for men in rural India, we believe that migration is

less of a concern in our setting (Munshi and Rosenzweig, 2016)."

6 Main Impact of the Expansion of Primary Schools

This section of the paper presents our main results. Table 1 displays the impact of school
expansion on variables of interest — years of education, the age of marriage for husbands,

12We normalize the change in the number of schools with the number of villages falling in the NFHS
cluster as per census 2011. It is to take into account different sizes of NFHS clusters. It is synonymous with
normalizing with respect to an area of the cluster. The other possible contender, being population, has the
problem of reverse causality (cite)

13Data from IHDS reveals that over 90 percent of the sampled households have been residing in their
current village of residence for more than 50 years."
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the age of marriage of wives, and inter-caste marriage — using our baseline specification.

Column (1) of Table 1 shows that a one-unit increase in primary schools in a village in a
5 km NFHS cluster during an individual’s primary school-going age (0-9 years) results
in an increase of 0.6 years in education on men (8% increase over the mean) at 1% signif-
icance level. It is important to highlight that it is not the total impact of the existence of
schools, but the opening up of new schools conditional on the existing stock of schools.
The 3, coefficient captures the impact of the existing stock of schools per village, which is
0.439 at 5% significance level (6% over the sample mean).

Column (2) of Table 1 shows that a one-unit increase in primary schools in a village in a 5
km NFHS cluster during an individual’s primary school-going age (0-9 years) results in
an increase of 0.54 years in the age of marriage on men (2.4% increase over the mean) at
1% significance level. However, we do not observe any statistically significant impact on
wives’ marriage age (Col (4), same table). The subdued effect (compared to education)
on the variable related to marriage is not surprising due to families being major decision-
makers and strong cultural norms in the rural setup.

We test wives’ years of education in Column (3) of Table 1. The coefficient is posi-
tive at 0.352 (7% increase over the mean) at 1% significance level, suggesting increasing
education-level assortativity.

Column (5) of Table 1 depicts the impact of school expansion on inter-caste marriage. Our
main coefficient of interest 3 shows the effect of an increase in primary schools on the mar-
riage outcome of men exposed to school expansion during the age of 0-9 years, compared
to men who did not experience any change in the number of primary schools. The effect
of school expansion on inter-caste marriage is positive and statistically significant at 5%
significance level (.028). One sd increase in the school expansion increases ICM by 5.67%

of the sample mean.'*

6.1 Robustness

As a first robustness check, we exclude specific social groups from the sample and exam-
ine whether our main coefficient on ICM remains robust. We find that our results remain

qualitatively similar when we exclude the ST group from our sample or consider only

4The standard deviation of our main regressor is 0.26; the impact in the ICM for 1sd change is going to
be 0.028%0.26=.00737; which is 5.67% of the mean (.00737/.13)
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Hindus who are non-ST, as shown in Column (2) and Column (5) of Appendix Table B.IL.
However, our coefficient of interest loses significance if we exclude Muslims or take Hin-
dus with ST as our sample (Columns (3) and (4) of Appendix Table B.IT). This suggests
interesting heterogeneity across castes, which we explore in the later parts.

The next robustness check shows that results are not driven by any possible selection of
sample coming from inefficiency in the matching rate. In Appendix Table B.I1I, as we move
from Column (1) to Column (5), we concentrate on a sample with an improved matching
rate. For example, in Column (1), we consider a sample where we could match at least 50
percent of villages in the NFHS cluster with DISE Census data. Similarly, in Column (5),
we narrow the sample to cases where we could match 90 percent or more of the villages.
We find the coefficient to be quite stable (0.019-0.027) across all columns at 10% signifi-
cance level, except when we restrict too much in Columns (4) and (5), leading to a drastic

reduction in sample size.

6.2 Heterogeneity
6.2.1 Heterogeneity by intensity of school expansion

Table 3 examines heterogeneity by intensity of school expansion. We categorize the change
in the number of primary schools in a cluster into four categories: less than 25 % change
in number of primary schools, between 25-50 % change in number of primary schools,
between 50-75 % change in number of primary schools, and more than 75 % change in
number of primary schools. We observe that the impact of school expansion on the years
of education and age of marriage for husbands and wives is most pronounced and statis-
tically significant in the fourth category. However, we do not find any differential impact
on ICM based on the intensity of school expansion.

6.2.2 Heterogeneity by Social groups

We examine the impact of school expansion on ICM for different social groups. In Table 4
and 5, we observe that the impact of school expansion is positive and statistically signifi-
cant for men belonging to the General and OBC groups. Interestingly, while the husband’s
years of education no longer show a significant association with ICM, the wife’s years of
education are negatively associated with ICM among the General castes.'” While the effect

150nce again, the stability of our coefficient of interest, even after including the years of education and
age of marriage for both husbands and wives, suggests that these factors are not the potential channels of
explanation.

12



of school expansion for SC is positive (but insignificant), for ST it is negative (insignifi-
cant), as shown in Table 6 and Table 7. This could be because ST groups are geographically
isolated, and their integration with other communities is much lower compared to other

caste groups.

Next, we interact men’s caste group with our main regressor to check for any differential
impact by caste groups. The coefficients are plotted in Figure 2 at 5% significance level. All
the coefficients are significant at 5% level. The magnitude for ST is negative at 0.072, show-
ing that primary school expansion had an overall negative impact on the ICM within ST.
The coefficients are positive for all other three caste groups; SC - 0.093, OBC and General
- 0.012.

7 Possible Mechanisms

In this section we explore some possible channels that might be driving our main results
on ICM.

7.1 Is the effect driven by increasing years of education?

First, we test the most obvious channel of gains in years of education (due to the expan-
sion of primary schools). First, we add the husbands’ years of education as a control in
our baseline specification and find that the main coefficient remains almost the same as
before (Column (2) of Table 2; Column (1) shows the baseline results) at 5% significance

level,'® suggesting a lesser role of direct increase of education to be the main channel.

Next, we split the sample by the four completed levels of education of men — no educa-
tion, primary, secondary, and higher — as captured during NFHS surveys. The coefficient
of interest is positive and of similar magnitude (to the baseline specification) — for three
(out of the four) groups. The coefficient for those who have studied till the primary level
is negative. However, all the coefficients are statistically insignificant even at 10% confi-
dence level (Refer Appendix Table B.IV). Once again, the lack of meaningful differential
results suggests that gains in education are likely not the main channel.

Finally, we interact men’s complete levels of education with our main regressor, to check
for any differential impact. Estimated coefficients are plotted in Appendix Figure A.III,

16Notably, the coefficient on the husbands’ years of education is negative at 1% significance level, suggest-
ing that higher education among husbands is associated with lower rates of inter-caste marriage.
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with "no education" as the base category. The coefficients on "primary", "secondary", and
"higher" are close to zero, showing no differential impact of completed years of education.

7.2 Is the effect driven by the increasing age at marriage?

Increasing the age at marriage allows more time to choose one’s spouse by oneself and
possibly could offer less resistance from families in unconventional matchings, such as
ICM (Ghimire and Axinn 2006). Hence, we test this mechanism explicitly.

First, we add the age at marriage at the husband (men) directly in our main specification
and observe if there is any change in our main coefficient. Col(4) of Table 2 shows that
adding this variable as a control doesn’t change our main coefficient’s magnitude or sig-
nificance level. Adding the age at marriage of the wife (Col(5) of Table 2) also doesn’t
change the result. This exercise suggests that age at marriage may also not be the main

channel in our sample.

7.3 Is the effect driven by “contact theory”?

Intergroup contact is recognised as one of the most effective means to reduce prejudice
and discrimination (Allport, 1979). When members of majority groups engage with indi-
viduals from minority groups, it leads to better interaction and understanding, ultimately

leading to a reduction in prejudice and discrimination against the minority groups.

The literature suggests that childhood, providing the formative years of development,
plays a crucial role in shaping individuals” social preferences and choices. For example,
increased exposure of children to other ethnicities during their early years is associated
with a higher likelihood of forming interethnic friendships (Boucher et al., 2020).

We believe that with the expansion of primary schools, children have had the opportunity
to come into contact with peers and teachers from different social groups in their early
childhood, potentially leading to long-lasting impacts on their social preferences, behav-
ior, and choices. We plan to explore the contact theory further as a potential explanation
in this project.

8 Conclusion

We identify the impact of school expansion on inter-caste marriages in rural India. We
show that increasing years of education and increasing age at marriages are not the most
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likely channels. We hypothesize that since contact with other castes (in schools) occurred
at an early age, it may have developed a positive attitude towards different caste groups.
However, we still have to explore this channel in more detail, which we are planning to
present in the next draft.
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9 Figure

Figure 1: Evolution of ICM

ICM by marriage cohort:Rural
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Notes: The figure plots the evolution of inter-caste marriages by birth cohort in rural
India from the 1980s till now. It also shows the ICM within each caste category (using
the husband’s caste). Calculations using NFHS combined sample without using survey
design weights.
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Figure 2: Differential Impact of Men’s Caste Group
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Notes: The figure plot coefficient on the dummy of caste group after the ordinary least
square estimations based on the NFHS-4 and 5, married couple-level sample, living in
rural areas, husbands above 22 years old, and who have lived in the same place forever -
following Equation 1. The dependent variable is a dummy of inter-caste marriage.
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10 Table

Table 1: Impact of Schools on Years of Education, Age of Marriage and Inter-Caste Mar-
riage

(1) (2) (3) (4) (5)
VARIABLES h_educ_yr age_marr H w_educ_yr age_marr W icm
Ain Schools/Vill b.n. 0-9 age  0.601*** 0.541*** 0.352%** 0.143 0.028**
(0.159) (0.179) (0.132) (0.128) (0.014)
# of Schools/Vill pre-birth 0.439** -0.390 -0.108 -0.534%** 0.003
(0.198) (0.238) (0.173) (0.182) (0.012)
Observations 54,789 54,233 54,789 54,233 51,150
R-squared 0.476 0.399 0.563 0.362 0.316
MeanDep Var 7.22 22.93 5.20 18.54 0.13
DHS FE Yes Yes Yes Yes Yes
Birth Year FE yes yes yes yes yes
Lived Always yes yes yes yes yes
CLUSTER statedist statedist statedist statedist statedist
NUM_clusters 528 528 528 528 528

Notes: The table reports ordinary least square estimations based on the NFHS-4 and 5, married
couple-level sample, living in rural areas, husbands above 22 years old, and who have lived in the
same place forever. Robust standard errors in parentheses are clustered at the district level. The
dependent variable is the years of education of husbands (or men) in Column (1); age at marriage
of husbands in Column (2); years of education of wives in Column (3); age at marriage of wives in
Column (4); and, dummy of inter-caste marriage in Column (5). The main explanatory variable
is the change in schools (per village in the first 9 years of age of husbands. We also control for the
number of schools (per village) one year before birth, household current wealth, and dummy for
Hindu and Muslim religions. All estimations include NFHS 5km buffer, birth year of men, and
NFHS round fixed effects.
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Table 2: Impact of Schools on Inter-Caste Marriage

(1) (2) (3) (4) (5)
VARIABLES icm icm icm icm icm
Ain Schools/Vill b.n. 0-9 age  0.028**  0.029** 0.029** 0.027* 0.027*
(0.014)  (0.014) (0.014) (0.014) (0.014)
# of Schools/Vill pre-birth 0.003 0.004 0.004 0.004 0.004
(0.012)  (0.012) (0.012) (0.012) (0.012)
h_educ_yr -0.002***  -0.002*** -0.002*** -0.002***
(0.001) (0.001) (0.001) (0.001)
w_educ_yr -0.000 -0.000 -0.000
(0.001) (0.001) (0.001)
age_marr_H 0.001 0.001
(0.001) (0.001)
age_marr_W -0.001
(0.001)
Observations 51,150 51,150 51,150 50,613 50,613
R-squared 0.316 0.317 0.317 0.318 0.318
MeanDep Var 0.13 0.13 0.13 0.13 0.13
DHS FE Yes Yes Yes Yes Yes
Birth Year FE yes yes yes yes yes
Lived Always yes yes yes yes yes
Cluster statedist statedist statedist statedist statedist
NUM_clusters 528 528 528 528 528

Notes: The table reports ordinary least square estimations based on the NFHS-4 and 5, married
couple-level sample, living in rural areas, husbands above 22 years old, and who have lived in
the same place forever. Robust standard errors in parentheses are clustered at the district level.
The dependent variable is a dummy of inter-caste marriage. The main explanatory variable is the
change in schools (per village in the first 9 years of age of husbands. We also control for the number
of schools (per village) one year before birth, household current wealth, and dummy for Hindu
and Muslim religions. Column (1) is the baseline regression. Column (2) adds husbands’ years
of education as controls. Column (3) adds wives’ years of education; Column (4) and (5) further
add age at marriage for husband and wife. All estimations include NFHS 5km buffer, birth year of

men, and NFHS round fixed effects.
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Table 3: Impact of schools expansion intensity on years of education, age at marriage and
ICM

(1) ) 3) (4) (5)
VARIABLES h_educ_yr age_marr H w_educ_yr age_marr W icm
A in Schools/Vill b.n. 0-9 age (2nd quartile) 0.025 -0.044 -0.016 0.086 -0.003
(0.090) (0.095) (0.070) (0.070) (0.007)
A in Schools/Vill b.n. 0-9 age (3rd quartile) 0.152 0.210** 0.137 0.171** 0.002
(0.102) (0.101) (0.085) (0.083) (0.008)
A in Schools/Vill b.n. 0-9 age (4th quartile) 0.399*** 0.413*** 0.353*** 0.277%** 0.011
(0.127) (0.131) (0.101) (0.094) (0.010)
# of Schools/Vill pre-birth 0.474* -0.316 -0.023 -0.446** 0.004
(0.198) (0.263) (0.163) (0.193) (0.011)
Observations 54,789 54,233 54,789 54,233 51,150
R-squared 0.476 0.399 0.563 0.362 0.316
MeanDepVar 722 22.93 5.20 18.54 0.13
DHS FE Yes Yes Yes Yes Yes
Birth Year FE yes yes yes yes yes
Lived Always yes yes yes yes yes
Cluster statedist statedist statedist statedist statedist
NUM_clusters 528 528 528 528 528

Notes: The table reports ordinary least square estimations based on the NFHS-4 and 5, married
couple-level sample, living in rural areas, husbands above 22 years old, and who have lived in the
same place forever. Robust standard errors in parentheses are clustered at the district level. The
dependent variable is the years of education of husbands (or men) in Column (1); age at marriage
of husbands in Column (2); years of education of wives in Column (3); age at marriage of wives in
Column (4); and, dummy of inter-caste marriage in Column (5). The main explanatory variable
here is the change in schools (per village) in the first 9 years of age of husbands - split into 4
quartiles, with the first quartile as the base category. We also control for the number of schools
(per village) one year before birth, household current wealth, and dummy for Hindu and Muslim
religions. All estimations include NFHS 5km butffer, birth year of men, and NFHS round fixed
effects.
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Table 4: Impact of Schools on Inter-Caste Marriage for General caste

(1) (2) (3) (4) (5)
VARIABLES icm icm icm icm icm

AinSchools/Villbn. 0-9age  0.065*  0.070*  0.072*  0.073*  0.073*
(0.039)  (0.040)  (0.039)  (0.040)  (0.040)

# of Schools/Vill pre-birth -0.007 -0.003 -0.005 -0.004 -0.007
(0.024) (0.024)  (0.024) (0.024)  (0.024)
h_educ_yr -0.004* -0.002 -0.002 -0.002
(0.002)  (0.002)  (0.002)  (0.002)
w_educ_yr -0.005***  -0.004**  -0.004**
(0.002)  (0.002)  (0.002)
age_marr_H -0.001 0.001
(0.002)  (0.002)
age_marr_ W -0.004
(0.002)
Observations 7,703 7,703 7,703 7,655 7,655
R-squared 0.588 0.589 0.590 0.588 0.588
MeanDepVar 0.15 0.15 0.15 0.15 0.15
DHS FE Yes Yes Yes Yes Yes
Birth Year FE yes yes yes yes yes
Lived Always yes yes yes yes yes
Cluster statedist statedist statedist statedist statedist
NUM_clusters 442 442 442 441 441
Caste General General General General General

Notes: The table reports ordinary least square estimations based on the NFHS-4 and 5, married
couple-level sample, living in rural areas, husbands above 22 years old, and who have lived in the
same place forever. Further, the sample is restricted to the General caste population. Robust stan-
dard errors in parentheses are clustered at the district level. The dependent variable is a dummy
of inter-caste marriage. The main explanatory variable is the change in schools (per village in the
first 9 years of age of husbands. We also control for the number of schools (per village) one year
before birth, household current wealth, and dummy for Hindu and Muslim religions. Column (1)
is the baseline regression. Column (2) adds husbands’ years of education as controls. Column (3)
adds wives’ years of education; Column (4) and (5) further add age at marriage for husband and
wife. All estimations include NFHS 5km buffer, birth year of men, and NFHS round fixed effects.
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Table 5: Impact of Schools on Inter-Caste Marriage for OBC

@ @) 3) @) 5)
VARIABLES icm icm icm icm icm
Ain Schools/Vill b.n. 0-9 age  0.036**  0.036**  0.036**  0.036™  0.036**
(0.016) (0.016) (0.016) (0.017)  (0.017)
# of Schools/Vill pre-birth -0.020 -0.019 -0.019 -0.021 -0.020
(0.020)  (0.020)  (0.020)  (0.020)  (0.020)
h_educ_yr -0.001 -0.001 -0.001 -0.001
(0.001)  (0.001)  (0.001)  (0.001)
w_educ_yr 0.000 0.000 0.000
(0.001)  (0.001)  (0.001)
age_marr_H -0.000 -0.001
(0.001)  (0.001)
age_marr_ W 0.001
(0.002)
Observations 20,603 20,603 20,603 20,379 20,379
R-squared 0.411 0.412 0.412 0.412 0.412
MeanDepVar 0.11 0.11 0.11 0.11 0.11
DHS FE Yes Yes Yes Yes Yes
Birth Year FE yes yes yes yes yes
Lived Always yes yes yes yes yes
Cluster statedist statedist statedist statedist statedist
NUM_clusters 513 513 513 513 513
Caste OBC OBC OBC OBC OBC

Notes: The table reports ordinary least square estimations based on the NFHS-4 and 5, married
couple-level sample, living in rural areas, husbands above 22 years old, and who have lived in
the same place forever. Further, the sample is restricted to the Other Backward Class (OBC) group
population. Robust standard errors in parentheses are clustered at the district level. The dependent
variable is a dummy of inter-caste marriage. The main explanatory variable is the change in schools
(per village in the first 9 years of age of husbands. We also control for the number of schools
(per village) one year before birth, household current wealth, and dummy for Hindu and Muslim
religions. Column (1) is the baseline regression. Column (2) adds husbands’ years of education
as controls. Column (3) adds wives’ years of education; Column (4) and (5) further add age at
marriage for husband and wife. All estimations include NFHS 5km buffer, birth year of men, and

NFHS round fixed effects.
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Table 6: Impact of Schools on Inter-Caste Marriage for SC

@ @) 3) @) 5)
VARIABLES icm icm icm icm icm
Ain Schools/Vill b.n. 0-9 age  0.042 0.044 0.044 0.039 0.039

(0.033)  (0.033) (0.033) (0.034) (0.034)
# of Schools/Vill pre-birth 0.014 0.015 0.014 0.014 0.014
(0.040) (0.040) (0.040) (0.041) (0.041)
h_educ_yr -0.002 -0.001 -0.002 -0.002
(0.002)  (0.002)  (0.002)  (0.002)
w_educ_yr -0.001 -0.001 -0.001
(0.002)  (0.002)  (0.002)
age_marr_H -0.000 -0.001
(0.001)  (0.002)
age_marr_ W 0.001
(0.002)
Observations 8,792 8,792 8,792 8,687 8,687
R-squared 0.525 0.525 0.525 0.524 0.524
MeanDepVar 0.16 0.16 0.16 0.16 0.16
DHS FE Yes Yes Yes Yes Yes
Birth Year FE yes yes yes yes yes
Lived Always yes yes yes yes yes
Cluster statedist statedist statedist statedist statedist
NUM_clusters 476 476 476 476 476
Caste SC SC SC SC SC

Notes: The table reports ordinary least square estimations based on the NFHS-4 and 5, married
couple-level sample, living in rural areas, husbands above 22 years old, and who have lived in
the same place forever. Further, the sample is restricted to the Scheduled Caste population. Ro-
bust standard errors in parentheses are clustered at the district level. The dependent variable is a
dummy of inter-caste marriage. The main explanatory variable is the change in schools (per vil-
lage in the first 9 years of age of husbands. We also control for the number of schools (per village)
one year before birth, household current wealth, and dummy for Hindu and Muslim religions.
Column (1) is the baseline regression. Column (2) adds husbands’ years of education as controls.
Column (3) adds wives’ years of education; Column (4) and (5) further add age at marriage for
husband and wife. All estimations include NFHS 5km buffer, birth year of men, and NFHS round

fixed effects.
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Table 7: Impact of Schools on Inter-Caste Marriage for ST

o 6 ® 06

VARIABLES icm icm icm icm icm

AinSchools/Villbn. 09 age  -0.022  -0.023  -0.023  -0.025  -0.025
(0.019)  (0.019)  (0.019)  (0.020)  (0.020)

# of Schools/Vill pre-birth 0.013 0.012 0.013 0.013 0.013
(0.022) (0.022)  (0.022)  (0.022) (0.022)
h_educ_yr -0.003**  -0.004*** -0.003**  -0.003**
(0.001)  (0.001) (0.001) (0.001)
w_educ_yr 0.001 0.000 0.000
(0.001)  (0.001)  (0.001)
age_marr_H 0.001 0.001
(0.001)  (0.002)
age_marr_ W -0.000
(0.002)
Observations 8,267 8,267 8,267 8,111 8,111
R-squared 0.583 0.584 0.584 0.584 0.584
MeanDepVar 0.09 0.09 0.09 0.09 0.09
DHS FE Yes Yes Yes Yes Yes
Birth Year FE yes yes yes yes yes
Lived Always yes yes yes yes yes
Cluster statedist statedist statedist statedist statedist
NUM_clusters 290 290 290 289 289
Caste ST ST ST ST ST

Notes: The table reports ordinary least square estimations based on the NFHS-4 and 5, married
couple-level sample, living in rural areas, husbands above 22 years old, and who have lived in
the same place forever. Further, the sample is restricted to the Scheduled Tribe population. Ro-
bust standard errors in parentheses are clustered at the district level. The dependent variable is a
dummy of inter-caste marriage. The main explanatory variable is the change in schools (per vil-
lage in the first 9 years of age of husbands. We also control for the number of schools (per village)
one year before birth, household current wealth, and dummy for Hindu and Muslim religions.
Column (1) is the baseline regression. Column (2) adds husbands’ years of education as controls.
Column (3) adds wives’ years of education; Column (4) and (5) further add age at marriage for
husband and wife. All estimations include NFHS 5km bulffer, birth year of men, and NFHS round
fixed effects.
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A Appendix Figures

Figure A.I: ICM by husband and wife caste group

Husband’s Caste
. Other
Wife’s Caste
Scheduled Tribe || Scheduled Caste Background General Caste
(ST) (SC) Class (Gen)
(OBC)
Scheduled Tribe 87.9% 5.8% 1.9% 15%
(ST) (10,584) (855) (551) (178)
Scheduled Caste 7.0% 83.3% 4.4% 3.0%
(SC) (836) (12,243) (1,314) (357)
Other
Background 4.0% 8.8% 88.8 % 125%
Class (476) (1,294) (26,471) (1,503)
(OBC)
General Caste 1.2% 21% 5.0% 83.1%
(Gen) (141) (302) (1,481) (9,997)

Notes: The table shows the rate of ICM by husband and wife caste categories. For e.g., if
we look at the first row, then 87% of the ST marriages occur within the same caste, and
out of 13% ICM, 7% is with SC, 4.5% with OBC, and 1.5% with the General caste group.



Figure A.Il: ICM by husband and wife caste group

Inter-Caste Marriages over Birth Cohorts
(Number of Schools at Age 9)

T T T T
Before 1970's 1971-1980 1981-1990 1991-2005

Birth Cohort

—®&— N School Below Median —A—— N School Above Median

Notes: The figure shows the rate of ICM by two categories- below and above the median,
where the median is defined by the total number of schools at the age of 9. It shows
that the rate of ICM is higher for all the birth cohort of men who where exposed to more
number of primary schools in their school-going age.



Figure AIII: Differential Impact of Men’s Completed Level of Education
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Notes: The figure plot coefficient on the dummy of men’s completed education level after
the ordinary least square estimations based on the NFHS-4 and 5, married couple-level
sample, living in rural areas, husbands above 22 years old, and who have lived in the
same place forever - following Equation 1. The dependent variable is a dummy of inter-

caste marriage.



B Appendix Tables

Table B.I: Data Preparation: Matching Rate

NFHS

Unmatched Villages

States | (5km buffer | DISE-CENSUS DISIESSN&;US In NFHS but not in M*;gt‘;“g
zone) DISE-CENSUS
Andhra o
Prdoch 6,881 24,334 6,267 614 91%
Assam 19,807 15,532 12966 6,841 5%
Bihar 40,026 29,062 26,289 13,737 66%
Chhattisgarh | 12,298 16407 10,423 1,875 85%
Goa 268 205 171 97 64%
Gujarat 11,558 16,697 10,718 840 93%
Haryana 6,140 5,904 5,308 832 86%
Himachal 10,552 6,949 4,007 6,545 38%
Pradesh
Jammu & 5,419 4,866 4072 1,347 75%
Kashmir
Tharkhand 27,531 22,023 18,690 8,841 68%
Karnataka 17,370 22,577 13,539 3,831 78%
Kerala 923 730 663 260 72%
Madhya 36,452 43,052 29,030 7,422 80%
Pradesh
Maharashtra | 19,957 36,508 16,964 2,993 85%
Manipur 418 1572 309 109 74%
Odisha 35,667 34297 24,607 11,060 69%
Puducherry 86 82 78 8 91%
Punjab 10,048 9,580 7,738 2,310 77%
Rajasthan 25,124 29,721 17,178 7,946 68%
Sikkim 450 155 155 295 34%
Tamil 10,642 11,651 7,908 2,734 74%
Nadu
Tripura 843 775 748 95 89%
Uttar
89,252 63,374 53,441 35,811 60%
Pradesh
Uttarakhand | 13,877 8,873 7,334 6,543 53%
Total 401,589 404,926 278,603 122,986 69%

Notes: The table presents the matching rate by state. Column (1) is the name of the state. Column
(2) is the number of villages falling within all the 5km buffer zones created. Column (3) is the
number of villages in each state coming from the DISE-Census fuzzy matching exercise. Col (4) is
the number of villages after matching Col (2) and Col (3). Col (5) is the number of villages unable
to be matched. Col (6) is the matching rate. Overall we are able to map 70% of the villages from

Col (2).




Table B.II: Robustness check: Impact of schools on ICM with different subpopulation

(1) (2) (3) (4) (5)

VARIABLES icm icm icm icm icm
A in Schools/Vill b.n. 0-9 age 0.013 0.040*** 0.016 0.017 0.035*

(0.020) (0.016) (0.016) (0.017) (0.020)
# of Schools/Vill pre-birth -0.007 0.001 0.013 0.012 0.015

(0.017) (0.014) (0.014) (0.015) (0.016)
Observations 46,857 41,761 46,889 43,491 35,583
R-squared 0.329 0.332 0.327 0.330 0.349
MeanDep Var 0.13 0.14 0.13 0.13 0.14
DHS FE Yes Yes Yes Yes Yes
Birth Year FE yes yes yes yes yes
Lived Always yes yes yes yes yes
Cluster statedist  statedist statedist statedist statedist
NUM_clusters 528 525 520 515 513
Condition W_Abv_22 Excl ST Excl Muslim Hindu Only Hindu_non_ST

Notes: The table reports ordinary least square estimations based on the NFHS-4 and 5, married
couple-level sample, living in rural areas, husbands above 22 years old, and who have lived in
the same place forever. Robust standard errors in parentheses are clustered at the district level.
The dependent variable is a dummy of inter-caste marriage. The main explanatory variable is the
change in schools (per village in the first 9 years of age of husbands. We also control for the number
of schools (per village) one year before birth, household current wealth, and dummy for Hindu
and Muslim religions. Column (1) keeps the wife above 22 years; Column (2) excludes Scheduled
Tribe from the sample; Column (3) excludes Muslims; Column (4) keeps hindu only subsample
(and no religion dummy controls); and Column (5) is with the sub-sample who are Hindu and not
Scheduled Tribe. All estimations include NFHS 5km buffer, birth year of men, and NFHS round
fixed effects.



Table B.III: Robustness checks: Impact of schools on ICM with different level of matching

(1) (2) (3) (4) (5)
VARIABLES icm icm icm icm icm

A in Schools/Vill b.n. 0-9 age  0.028* 0.025* 0.027* 0.026 0.019
(0.015)  (0.015) (0.016)  (0.017)  (0.021)

# of Schools/Vill pre-birth 0.005 0.002 0.000 -0.001 0.003
(0.013)  (0.013)  (0.014) (0.015)  (0.015)

Observations 43,992 40,019 32,753 24,056 12,320
R-squared 0.316 0.318 0.320 0.318 0.306
MeanDepVar 0.14 0.14 0.14 0.14 0.14
DHS FE Yes Yes Yes Yes Yes
Birth Year FE yes yes yes yes yes
Lived Always yes yes yes yes yes
Cluster statedist statedist statedist statedist statedist
NUM_clusters 524 514 501 476 373
Condition > 50% > 60% > 70% > 80% > 90%

Notes: The table reports ordinary least square estimations based on the NFHS-4 and 5, married
couple-level sample, living in rural areas, husbands above 22 years old, and who have lived in
the same place forever. Robust standard errors in parentheses are clustered at the district level.
The dependent variable is a dummy of inter-caste marriage. The main explanatory variable is the
change in schools (per village in the first 9 years of age of husbands. We also control for the number
of schools (per village) one year before birth, household current wealth, and dummy for Hindu
and Muslim religions. Column (1) keeps where matching rate was at least 50% (i.e. we were able
to find the school-level DISE information for more than 50% of the NFHS 5km cluster); Column
(2) with matching rate above 60%; Column (3) with matching rate above 70%; Column (4) with
matching rate above 80%; and Column (5) with matching rate above 90%. All estimations include
NFHS 5km bulffer, birth year of men, and NFHS round fixed effects.



Table B.IV: Differential impact on ICM by education level

(M) 2) 3) @)
VARIABLES icm icm icm icm
A in Schools/Vill b.n. 0-9 age 0.028 -0.049 0.023 0.030
(0.033) (0.038) (0.018) (0.053)
# of Schools/Vill pre-birth 0.084* -0.014 0.012 0.123
(0.048) (0.053) (0.018) (0.083)
Observations 7,116 5,665 26,031 2,760
R-squared 0.489 0.514 0.402 0.525
MeanDepVar 0.14 0.13 0.13 0.12
DHS FE Yes Yes Yes Yes
Birth Year FE yes yes yes yes
Lived Always yes yes yes yes
Cluster statedist statedist  statedist statedist
NUM_clusters 443 478 528 407
Condition no education primary secondary higher

Notes: The table reports ordinary least square estimations based on the NFHS-4 and 5, married
couple-level sample, living in rural areas, husbands above 22 years old, and who have lived in
the same place forever. Robust standard errors in parentheses are clustered at the district level.
The dependent variable is a dummy of inter-caste marriage. The main explanatory variable is the
change in schools (per village in the first 9 years of age of husbands. We also control for the number
of schools (per village) one year before birth, household current wealth, and dummy for Hindu and
Muslim religions. Column (1) retains men who have no education; Column (2) is with men who
have completed at least primary level education; Column (3) is with men who have completed at
least secondary level education; and Column (4) is with men who have completed at least higher
level education. All estimations include NFHS 5km butffer, birth year of men, and NFHS round

fixed effects.
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