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Does Capital Punishment Deter Crime?

▶ Most of the literature from developed countries, esp US.
Donohue & Wolfers (2009) review 6 studies looking at impact
of DP on murders in the US.

▶ Does the death penalty (DP) provide greater deterrence of
murders beyond that afforded by a sentence of life
imprisonment? No.

▶ Our paper: deterrent effect of DP on crime from a large
developing country with lower state capacity, viz., India.



Does Capital Punishment Deter Crime?

▶ Most of the literature from developed countries, esp US.
Donohue & Wolfers (2009) review 6 studies looking at impact
of DP on murders in the US.

▶ Does the death penalty (DP) provide greater deterrence of
murders beyond that afforded by a sentence of life
imprisonment? No.

▶ Our paper: deterrent effect of DP on crime from a large
developing country with lower state capacity, viz., India.



Does Capital Punishment Deter Crime?

▶ Most of the literature from developed countries, esp US.
Donohue & Wolfers (2009) review 6 studies looking at impact
of DP on murders in the US.

▶ Does the death penalty (DP) provide greater deterrence of
murders beyond that afforded by a sentence of life
imprisonment? No.

▶ Our paper: deterrent effect of DP on crime from a large
developing country with lower state capacity, viz., India.



Global Context

▶ > 70% of all countries have abolished capital punishment in
law or practice (Amnesty International, 2023)

▶ By end-2022, 112 countries had abolished DP for all crimes, 9
for ordinary crimes, 23 retained it but not executed anyone
over the past 10 years

▶ But 55 countries w large pop, and/or authoritarian regimes
continue to actively deploy capital punishment

▶ Global instances of DP ↑: 2,016 death sentences & 883
excecutions in 2022, highest in 5 years
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Importance of Crime Prevention

▶ Crime deterrence is a pressing focus of law enforcement &
policy makers

▶ High crime rates are detrimental to econ dev (Peri, 2004); per
capita income & level of output (Kumar, 2013); emp &
productivity (Cardenas-Santamara 2007, Detotto & Pulina
2009); and dom & foreign direct investment (Bostic, and
Acolin 2018; Brown and Hibbert 2017)

▶ High crime rates also have high socioeconomic costs &
negatively affect social capital formation (Czabanski 2008)
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Preview of Main Results

▶ We use geographic & temporal variation in the incidence of
the death penalty to identify the effect of a death sentence
passed by a local court on local crime rates

▶ Dynamic DID estimators that allow for treatment
heterogeneity in our context

▶ Novel dataset that records the universe of death penalty (DP)
sentences passed by district courts across India bet 2000-2020
+ dist-level crime data from NCRB

▶ No significant negative impact of DP on murder counts in a
period of 5 years after the death issuance of death sentence

▶ Rape: same for rape. (Some results on rape counts after 7-8
yrs after issuance of DP; interpretation?)
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Our Contributions

▶ Heterogeneity using TWFE along some dimensions (e.g.
below/above median female share in population), but in the
dynamic estimator, these effects are no longer discernible.

▶ Our first contribution: rigorously estimating impact of DP
using improved dynamic estimators

▶ Second: First evidence of (lack of) deterrence effect of DP in
a developing country. Imp because developing countries have
lower state capacity which can affect both conviction rates as
well as quality of prison time, both of which also deter crime

▶ Third: We contribute to a growing lit on use of admin data to
explain impacts of judicial outcomes on socioeconomic
phenomena
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Indian Context
▶ India has had DP since intro of Indian Penal Code (IPC) in

the 1800s under British colonial rule

▶ 2022: Indian Supreme Court, under CJI Justice U.U.Lalit,
expressed its reconsideration of the death sentence penalty
sentencing framework

▶ However, in 2022, India was one of 37 countries that voted
against a moratorium on the death penalty

▶ Dec 2023: 3 new revised Bills to replace existing British-era
criminal laws (IPC 1860; Code of Criminal Procedure, 1973;
and Indian Evidence Act, 1872). Most changes relate to
definitions, terminology, other procedural amendments

▶ IPC is a federal law, so there is no variation by state. We use
district court judgements

▶ Conversion of a death sentence to execution is low due to
delays; most defendants serve out their sentences on death
row. Since 2000: 8 DP executions in India
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Data

▶ District-level crime rates, 1998-2020, from NCRB, (Murders
= murder + attempted murder + culpable homicide not
amounting to murder)

▶ District level death penalties issued: Death Penalty Database
(DPD) & Death Penalty India Report (DPIR) released by
Project 39A, a criminal justice & legal aid initiative of
National Law University, Delhi

▶ DPIR records each death sentence imposed by trial courts in
India between 2000-2021, & tracks the progress of each case.
Info from High Courts

▶ DPD: tracks death sentences imposed since 2016
▶ Data from DPIR combined with data from DPD to get DP

stats over 20+ years: 1117 district-year observations have
observed at least one death sentence. 8 executions since 2000.
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Control Variables & Heterogeneity

▶ SHRUG’s compilation of 1991, 2001, 2011 census data, we
interpolate districts’ annual population for years in between.

▶ SHRUG’s pop data for 2001 district-wise SC & ST population
▶ SECC data from SHRUG for mean share of hh relying on

cultivation as their main source of hh income
▶ State level stats from Census Tables to get high/low shares of

females & migrants in the total state population; & marginal
workers in the LF

▶ Districts in the crime dataset: police districts, whereas
districts in the DP dataset marked according to the district
court whose jurisdiction they came under

▶ Crime data only avail for 2001-2020, so DP data for 2000 and
2021 was dropped
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Empirical Strategy I: TWFE
▶ 2 independent variables of interest: anydeath_l1 (whether DP

issued) & deathcount_l1 (# DP sentences) in the district d in
the previous year t − 1)

▶ Outcome var crime: rate of crime i in district d in year t. We
look at 2 crimes - total murders and total rapes.
crimei,d,t = β0 + β1anydeathd,t−1 + β2Xd,t(−j) + βd + βt + ui,d,t

(1)

crimei,d,t = β0+β1deathcountd,t−1+β2Xd,t(−j)+βd+βt+ui,d,t
(2)

X is a vector of control variables capturing contemporaneous and lagged
district characteristics relevant to crime rates in a year: dist pop in year t,
districts’ criminality trend using the rate of total cognizable crimes,
excluding total murders and total rapes, averaged over the past 5 years;
+ a vector of binary indicators taking the value 1 if district d’s trial court
had issued a death sentence in year t − j for 1 < j ≤ 5, and 0 otherwise,
and the same vector of binary indicators for lagged number of death
sentences. βd and βt are the district and year fixed-effects respectively.
Standard errors clustered at the district-level
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Dynamic DID estimator: Callaway & Sant’Anna (2021)

▶ Allows for heterogeneous treatment effects across multiple
time periods: variations in impact of treatment across time +
dynamic effects of death sentences

▶ CS estimator: effect of an incidence of DP in a district on
crimes in the following 10 years in that dist

▶ We first estimate the individual district-time-specific
treatment effects, allowing for treatment effect heterogeneity,
then aggregate them to produce measures of overall group
treatment effects.
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Dynamic DID estimation
▶ The dynamic estimator is used to separately estimate the avg

effects of DP on crime rates for the districts within a group in
a different year, t, i.e., the group time average treatment
effect, ATT(g, t).

ATT(g,t) = E[Yt(g)− Yt(0)|Gg = 1,X] (3)
where Gg is a binary variable indicating if a unit starts the treatment at
time g, Yt(g) indicates the outcome value of group g at period t, and
Yt(0) indicates the potential outcome value of group g at period t given
they are not treated, conditioning on regions belong to group Gg and the
covariates.

▶ Main spec for avg effect incl pop control first, then add 5-yr crime rolling
avg.

▶ Heterogeneity: % female; % SC-ST; % marginal workers; % of hh relying
on cultivation

▶ Exclude Tier-1 cities to account for the possibility that results might be
driven by their crime rates
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Main results

Impact of death penalty sentence being handed down by a district
court judge in the previous year on
▶ Homicides in subsequent years
▶ Rapes in subsequent years

Results have been estimated for any death sentence in the previous
year, as well as number of death sentences. All estimates control
for the 5-year rolling average of crimes recorded in the district.



Impact of death sentence on murders



Impact of death sentence on rapes



Results – Heterogeneity and robustness

Heterogeneity in main effects by
▶ Female to male ratio in the district
▶ Share of agricultural households
▶ Share of migrant workers
▶ Share of SC/ST population
▶ Share of marginal workers

Results are also robust to excluding Tier-1 cities and metros.



Heterogeneity by female ratio



Heterogeneity by share of agricultural households



Heterogeneity by share of migrant workers



Heterogeneity by share of SC/ST population



Impact on murders and rapes: Excluding metros



Concluding Thoughts
▶ Combining data from NCRB on rapes and murders, & on

death sentences from Project 39A, this paper investigates if
the death penalty acts as a deterrent to reduce heinous crimes.

▶ We use the standard TWFE model + a dynamic estimator for
multiple time periods to estimate the effect of an incidence of
the death sentence in a district on crimes in the following
years in that district.

▶ In line with results from other countries, we find no deterrent
effect of a DP on murders and rapes in 5 years after the
sentence.

▶ Heterogeneity: some evidence in the TWFE framework, but
not in dynamic DID

▶ Marginalised communities more likely to be incarcerated &
convicted.

▶ DP is an irreversible punishment: an error is costly + it is not
a deterrent => need to rethink the rationale behind the DP.
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