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Abstract

We study how enabling job-seeking women to coordinate travel affects their job
search in urban India. In settings where women typically only travel with adult com-
panions to navigate safety concerns, job search can be constrained when companions
are unavailable. We test whether coordinating travel with other job-seeking women
can alleviate this constraint. In a randomized experiment, we match women within
neighborhoods and vary whether they can coordinate travel to factory interviews. The
treatment increases interview attendance by 85% and job search beyond the interview
experiment by 78%. Effects are driven by travel coordination and matching without
coordination has no effects.
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1 Introduction
Employment rates for women remain significantly lower than those for men across many
developing countries. In India, despite sustained economic growth over the past three
decades and achieving gender parity in educational attainment, only 33% of women are
employed compared to 77% of men (The World Bank, 2023). This places India alongside
countries in the Middle East and North Africa with the lowest female employment rates
globally. Barriers such as domestic responsibilities, childcare constraints, and gender
norms prevent many women from working, even when they express a strong willingness
to do so.1 In fact, a large share of Indian women report a willingness to work but do not
actively search for jobs. When they do search, they face substantial frictions: they search
less intensively than men, have limited information about available opportunities, and are
less likely to find jobs that match their preferences (Fletcher et al. 2017).

Existing data and a growing body of research show that social norms, such as ex-
pectations around female seclusion, and safety concerns in public spaces systematically
limit women’s mobility compared to that of men. For instance, 53% of women report not
leaving their homes on a given day, compared to only 14% of men (Biswas 2023), and non-
working women make six times fewer trips than non-working men. These constraints on
movement can have far-reaching economic consequences such as limiting women’s access
to education, employment, and other opportunities (Borker 2020; Field and Vyborny 2022;
Kapoor et al. 2025). Yet, we know relatively little about how these mobility constraints
affect women’s ability to search for jobs.

One important but understudied dimension is that many women prefer —or are
expected —to travel only with adult companions. In India, 44% of women report that
they cannot travel outside their neighborhoods or short distances via public transportation
alone (DHS 2019-21). For many, traveling with family members or female friends provides
a way to navigate traditional norms and feel safer. However, this reliance on companions
can also limit job search, particularly when companions are unavailable.2

A practical and socially acceptable alternative for women who prefer to travel with
companions is to coordinate travel with other job-seeking women during the job search

1 e.g., Heath and Mobarak 2015; McKelway 2021; Lowe and McKelway 2019; Baranov et al. 2020; Bjorvatn
et al. 2022; Nandi et al. 2020; Hojman and Lopez Boo 2022; Ho et al. 2023; Field et al. 2021; Afridi et al. 2023;
Dean and Jayachandran 2019; Bernhardt et al. 2018; Jalota and Ho 2024; Khanna and Pandey 2020; Agte and
Bernhardt 2023; Jayachandran 2019

2 While this study focuses on travel for job search, the need for companions may also impact women’s
daily commute to work. The need for companions can make job search particularly challenging because
it often involves travel to new, unknown locations, which can heighten concerns around safety and social
acceptability.
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process. Such coordination can help women navigate mobility constraints by maintaining
a sense of safety while adhering to social norms. However, its feasibility may be limited
for women who are socially isolated or whose networks rarely include others interested
in working (Afridi et al. 2023; Anukriti et al. 2022). Data from our study setting support
this concern: 60% of women reported traveling with companions during their two most
recent trips in the past week, and on average, they knew only one other woman interested
in working at the factories. Motivated by this idea, we designed an intervention that
matches job-seeking women within neighborhoods and randomly varies whether they
can coordinate their travel to job interviews.3

To test this intervention, we partnered with five garment factories in the suburbs
of Delhi, where job interviews typically require women to travel to the factory gate.4

The study was conducted across 106 lower-income neighborhoods near these factories
and included 693 women who were unemployed, interested in working at the partner
factories, and skilled in sewing. 5 Neighborhoods were stratified by city and distance to
the nearest factory, then randomly assigned to one of two treatment groups or a control
group. To enable women to coordinate their travel with other job-seeking women, in
the first treatment group, Matching & Coordinated Travel, we matched women within
neighborhoods through group meetings and invited them to interviews scheduled on the
same dates at the nearest partner factory. This scheduling was intended to make it easier
for women to attend interviews together.

The Matching & Coordinated Travel treatment includes two components: matching
women within neighborhoods through group meetings and scheduling their interviews
on the same date to enable coordinated travel. While the primary goal of this treatment is
to test the effect of travel coordination, it is possible that the matching component alone
could influence interview attendance. For example, being matched with other job-seeking
women might shift beliefs about women’s work (Bursztyn et al. 2020; Afridi et al. 2023),
increase the perceived attractiveness of factory jobs (Grosset and Donald 2024), or raise
expectations about workplace safety (Sharma 2023). To isolate the effect of coordinated
travel, we included a second treatment group: Matching & No Coordinated Travel. In
this treatment, women within a neighborhood were matched through group meetings

3 We focus on attendance at job interviews to isolate the role of travel-related constraints in job search. This
allows us to hold constant other barriers, such as lack of information or motivation, and to measure effects
on an outcome that requires women to travel outside their neighborhoods.

4 At these factories, women comprise 70% of the production workforce and are primarily employed as
sewing machine operators.

5 At baseline, one-third of the women in the sample had received formal training in sewing and could
operate industrial sewing machines.
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(identical to Matching & Coordinated Travel), but their interviews were scheduled on
different dates to minimize their chances of coordinating travel among them. This design
allows us to separately identify the effect of travel coordination from that of the group
matching process.

In the control group, women from the same neighborhood were scheduled for in-
terviews on the same dates but received their invitations through individual, one-on-one
meetings with enumerators rather than group meetings. This design allows us to examine
whether women who already knew other job-seeking peers actively sought each other out
as travel companions in the absence of any intervention. To conduct our empirical analysis,
we draw on two data sources: daily attendance records collected at the factories during
the interview period and a follow-up survey conducted six weeks after the interviews.

We now turn to the question of whether enabling women to coordinate their travel
with other job-seeking peers improves their likelihood of attending interviews. In the
control group, 15.4% of women attended interviews; in the Matching & Coordinated
Travel treatment, the share increases significantly by 13.1 percentage points, or 85% (p-
value = 0.015). The treatment is particularly effective for women who, at baseline, reported
knowing fewer women nearby or feeling unsafe while traveling: among these subgroups,
interview attendance increases by 17 percentage points (155%) and 34 percentage points
(310%), respectively, compared to their counterparts in the control group.

To understand whether these gains are driven by the opportunity to coordinate travel
or by other elements of the treatment, we examine two sources of evidence. First, we
verify that women in the treatment actually coordinate their travel to interviews. They
are 9.8 percentage points (100%) more likely to travel with other study women compared
to the control group. Among women in the control group who attended, 83% traveled
with companions, and three-fourths of these did so with other study participants. Since
women in the control group have a lower attendance rate, but most of them travel with
companions, it suggests that they face constraints in finding available companions on their
own.

Second, we turn to experimental variation provided by the Matching & No Coordi-
nated Travel treatment. In this group, women were matched through group meetings,
but assigned to different interview dates to limit their ability to coordinate travel. We find
that women in this group are 4.5 percentage points less likely to travel with study women
than those in the control group, confirming that the design effectively reduced coordi-
nation. We then examine the effect of the Matching & No Coordinated Travel treatment
on interview attendance and find no effect at all. We interpret this as strong evidence
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that the positive effects of the Matching & Coordinated Travel treatment are driven by the
coordinated travel component rather than by matching women through group meetings.

We next examine whether the treatments influenced women’s job search efforts be-
yond the interview experiment. This outcome is especially relevant in our setting because
the hiring rate at the factories was low: over 80% of interviewees did not receive job offers.
As a result, most women who wanted to work remained without jobs after the experiment.
This raises the question of whether the Matching & Coordinated Travel treatment helped
women continue searching for jobs elsewhere. The treatment gave women the opportu-
nity to travel with other job-seeking peers from their neighborhood —some of whom they
may not have known before, or had not previously considered as potential companions.
Experiencing the benefits of traveling together could have made women more likely to
continue searching for jobs after the experiment.

We test this possibility using data from follow-up surveys conducted six weeks later,
focusing on two outcomes: whether women visited a prospective employer (i.e., made a
job search trip after the interviews), and how many such trips they made. The Matching
& Coordinated Travel treatment increases the likelihood of making a job search trip by
12.6 percentage points (p-value = 0.009), a 78% increase over the control group mean of
16%. It also more than doubles the average number of job search trips made.

Interpreting the effect of the Matching & No Coordinated Travel treatment is less
straightforward. In principle, women in this group could still coordinate future job search
travel with the peers they were matched with during group meetings. However, unlike
in the coordinated travel group, they did not have the experience of actually traveling
together during the intervention—an experience that may be important for building trust
or discovering the value of coordination. The estimated effect on job search trips is positive
but small (2.7 percentage points) and statistically insignificant. This is consistent with the
idea that a brief introduction through group meetings without the shared experience of
traveling may not have been enough to sustain connections or shift behavior after the
experiment.

The idea that shared travel is key to sustaining connections—and not just initial expo-
sure—finds further support in women’s post-intervention behavior. We test whether the
improved job search outcomes in the Matching & Coordinated Travel treatment are driven
by continued travel coordination. First, women in this group are 8.9 to 11.1 percentage
points (111% to 150%) more likely than those in the Matching & No Coordinated Travel or
control groups to make job search trips with other women from their neighborhoods. Sec-
ond, while both treatments similarly increase women’s social connections—measured by
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knowing and interacting with nearby women—only the Matching & Coordinated Travel
treatment leads to greater travel coordination for non-job-related purposes (by 8.3 percent-
age points, or 48%). This pattern reinforces the interpretation that it is the experience of
coordinating and traveling with other women, rather than being introduced to them, that
drives sustained job search behavior. While both treatments expanded women’s networks,
only the Matching & Coordinated Travel group shows continued coordination, suggesting
that shared travel was critical for building the kind of relationships that support ongoing
job search. If the effects were driven by mechanisms common to both treatments —such
as shifting social norms or knowing other job-seeking women —we would not expect such
a large increase in coordinated travel or significant differences between the groups.

Finally, we examine the effects of the treatments on women’s employment. Six weeks
after the interviews, 24% of women in the control group were employed. The Matching
& Coordinated Travel treatment increases employment by 8.1 percentage points (p-value
= 0.08). In contrast, the Matching & No Coordinated Travel treatment yields a smaller,
statistically insignificant gain of 5.6 percentage points (p-value = 0.15).

To understand what drives these effects, we consider two possibilities. First, we
test whether the treatments shifted social norms around women’s work. The evidence
suggests otherwise: employment gains are concentrated among women who were already
actively job-searching at baseline—those least likely to be constrained by prevailing norms.
Instead, we find suggestive evidence that the effects are driven by increased job search
intensity. Among baseline job seekers, the Matching & Coordinated Travel treatment
raises the likelihood of making a job search trip by 21.7 percentage points and increases the
average number of trips by 0.7. In this same group, the treatment increases employment
by 10.5 percentage points more than the Matching & No Coordinated Travel treatment.
This pattern suggests that the employment effects are more likely to stem from intensified
search behavior than from mechanisms common to both treatments, such as reduced
travel costs or improved perceptions of job amenities.

This paper contributes to the broader literature on barriers to job search in developing
countries (e.g., Abebe et al. 2021; Abebe et al. 2023; Franklin 2018; Caria et al. 2020;
Wheeler et al. 2022). A strand within this literature focuses on barriers faced by women.
For example, studies show that norms against women’s work (Afridi et al. 2023; Bursztyn
et al. 2020) and the gender of supervisors (Subramanian 2024) directly affect women’s
decision to apply for jobs. Other work highlights how women’s strong preferences for
non-wage amenities (Ho et al. 2023; Mahmud and Riley 2021; Becerra and Guerra 2021)
and employers’ gendered preferences (Chaturvedi et al. 2024; Chowdhury et al. 2018;
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Gentile et al. 2023; Buchmann et al. 2023) indirectly constrain their job search by limiting
the set of available jobs (Crepon et al. 2024; Chiplunkar and Goldberg 2021). The closest
study to our work is Field and Vyborny 2022, which shows that providing women with
women-only transport to commute daily to work significantly increases their online job
applications in Pakistan. Our study differs from their work and other works in its novel,
cost-effective approach to improving women’s job search - by enabling job-seeking women
to coordinate their travel.

We focus on a dimension not yet explored within this literature: decisions about
attending in-person interviews and visiting prospective employers. This is particularly
important for the manufacturing sector, especially garment factories, where hiring for
production workers takes place through in-person visits. Many factories even require
workers to visit the job sites to just inquire about openings. Women may miss out on
job opportunities if they are unable to visit job sites frequently to inquire and interview
for openings. In this paper, we show that matching job-seeking women into groups
and enabling them to coordinate their travel can help them make more frequent visits
to factories and employers. Our results highlight a policy implication for firms’ hiring
practices: when in-person interviews are required and cannot be easily replaced by online
alternatives, firms can increase their pool of women job applicants by scheduling group
interviews and coordinating multiple women candidates to visit on the same days.

Our paper also adds to the growing literature on commuting in developing countries
(e.g., Naresh Kumar et al. 2025; Aggarwal et al. 2018; Phillips 2014), particularly women’s
commuting. Studies show that safety concerns and societal norms compel women to adopt
coping strategies (Borker 2024), such as using gender-segregated transportation (Aguilar
et al. 2021; Field and Vyborny 2022; Kapoor et al. 2025), avoiding unsafe routes (Borker
2021), and not traveling during specific hours (Hsu 2011)6. These strategies limit women’s
frequency of travel(Biswas 2023; Chen et al. 2024; Alam et al. 2021), impose additional
monetary costs (Kondylis et al. 2020; Christensen and Osman 2021), and negatively impact
their decisions regarding enrollment in educational and skill training programs (Borker
2021; Muralidharan and Prakash 2017; Cheema et al. 2022). Our study contributes to
this literature by demonstrating that traveling with companions —another widely used
coping strategy —can be leveraged to improve women’s labor market outcomes, including
interview attendance, job search effort, and employment. In doing so, we highlight a cost-
effective way to reduce commuting costs within an existing transport infrastructure.

This paper also contributes to the literature on the role of peers, especially female
6 42% of women in our study sample reported not traveling after sunset compared to 13% who avoided

travel during the day.
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peers, in developing countries. Existing studies show that peer networks can improve
outcomes in education (Rao 2019; Duflo et al. 2011), entrepreneurship (Field et al. 2016),
family planning (Anukriti et al. 2022) and female autonomy (Kandpal and Baylis 2019).
We contribute by showing that coordinating travel with job-seeking women can increase
their job search and employment. It reaffirms the findings of Afridi et al. 2023, which show
that friends-based networks improve women’s labor market outcomes in urban India. We
show that organizing women into groups and encouraging them to rely on each other
for travel can increase their trips to employers, in addition to strengthening their social
networks and providing a platform for delivering information (Neha Kumar et al. 2019;
Díaz-Martin et al. 2023). Recent work by Grosset and Donald 2024 documents the presence
of complementarities in labor supply in a completely different study context. They show
that that job seekers are 15 percentage points more likely to accept offers if people in their
network are also offered jobs, primarily due to their ability to commute together. Our
research builds on this work by showing that such complementarities exist even during
job search and attending interviews.

2 Study Setting

2.1 Context: Women’s Job Search and Mobility

Despite India’s significant economic growth and improvement in educational attainment
over the past three decades, the country’s female labor force participation rate hasn’t
increased much7. In 2024, only 33% of India’s female population was engaged in the labor
market, compared to 77% of men (The World Bank, 2023).8 This puts India among the
countries with the lowest female labor force participation rates globally, ahead of only a
few nations. While other South Asian countries, such as Bangladesh and Pakistan, also
have low female labor force participation rates, they have seen a steady increase over the
last decade. India’s stagnant and often declining participation rates have presented itself
as a puzzle to researchers and policymakers.

The experiment was conducted in 106 lower-income neighborhoods in two cities in
Northern India - Faridabad and Noida. Faridabad serves as an industrial hub for the state
of Haryana, with garment manufacturing being one of its prominent industries. Noida is

7 Between 2000 and 2023, India’s GDP grew at an average rate of 4.65%, primary school enrollment rose
from 89% to 99%, and secondary school enrollment also increased steeply from 50% to 79% (The World
Bank, 2023), reaching parity between boys and girls.

8 Since the 2000s, the women’s employment rate has been steadily declining. However, there has been an
upward trend since 2021, with an increase from 26% to 33% (ILOSTAT, 2023), primarily due to a change in
the definition of employment in rural areas.
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a software development and industrial hub in the state of Uttar Pradesh. 21% and 18%
of women reported participating in the labor market in Faridabad and Noida in 2019-21
(DHS, 2019-21).

Survey evidence from our study setting shows that while many women express a
desire to work, they often do not search for jobs. Even when they do, they face distinct
challenges. For instance, women report searching for jobs less frequently than men: men
spent an average of 10 days job searching, compared to 5.5 days for women. Only 30% of
women found their preferred jobs, compared to 75% of men. Additionally, 65% of women
reported not knowing where to look for jobs, compared to 35% of men. These challenges
are not unique to India—Field and Vyborny 2022 document similar job search barriers
among women in Pakistan.

In this paper, we argue that women’s job search challenges are strongly linked to their
physical mobility challenges. In India, 79% of women report experiencing harassment
in public spaces, and 95% report feeling unsafe on public transport. Their physical
mobility is also shaped by regressive social norms, including norms promoting female
seclusion (Jalota and Ho 2024). As a result, we find stark mobility differences between
men and women in our study setting. For example, women report traveling outside their
neighborhoods for an average of 0.37 times in one week and men do so 0.93 times. The
gap widens further among those not working: non-working women make as much as six
times fewer trips than men. Although men report experiencing more safety issues when
traveling, women report avoiding travel due to safety issues.

To mitigate these concerns, women often travel with companions. In our sample,
60% of women reported traveling with friends or family in the past week, compared to
18% of men. Beyond traveling with companions, women also report using other safety
strategies such as avoiding unsafe areas, refraining from using shared modes of transport,
and staying connected on their phones while in transit. While these strategies are essential
for ensuring safety, they also significantly restrict women’s mobility—and by extension,
their ability to search for jobs.

2.2 Partner Firm

We partner with one of India’s largest exporters of ready-made garments and its five
factories. Two factories are located in Faridabad, and three factories are located in Noida9.

9 ?? shows the map of factory locations. The Faridabad factory units, referred to as F1 and F2, are 850
meters apart. The A5 and A7 factory units in Noida are near one another and are 50 meters apart. The
distance between E10 and pair A5-A7 is approximately 12 kilometers by road.
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At the partner factories, women form about 66% (≈ 9, 800) of the total production
workforce, and they primarily work as sewing operators. The average salary of a worker
involved in production ranges from INR 10,500 - INR 13,500 ($128-$160) per month,
slightly above the prevailing minimum wage. There is one shift at the factories from
Monday to Saturday, 9 am to 5:30 pm. Women in the production workforce, on average,
are 35 years old, married, 8th-grade educated, have one child, and have been employed
with the factory for three years.

Hiring for the production workforce takes place through walk-in interviews. Job
candidates need to show-up at the factory gate by 10 am if they want to be considered
for the day’s hiring. There are two stages within the interview process: first, the HR
department screens the candidates. During the screening process, they check candidates’
IDs, engage in a few minutes of conversation to gauge the nature, check for literacy, and
enquire about prior work experience and skills training. After passing the screening,
on-the-job-trials—performing a series of tasks related to the job —are conducted by pro-
duction floor supervisors.10 A trial usually lasts about 30 to 45 minutes. The supervisor
determines the outcome of the trial. If a candidate passes the trial, she is offered a salary
based on her skill level, and she usually starts working the day after.

The interview experiment follows the same process undertaken by the partner facto-
ries with only one difference: women in the study sample were provided with an interview
invitation letter. In this invitation letter, we included interview dates, the address of the
nearest partner factory, and how to get to the factory. It’s also important to note that there
is no added benefit of the letters at the factories. Even though women were assigned to
interview dates and factories, they could show up at any date or factory to be considered
for jobs without penalty.

3 Experimental Design
We conducted a neighborhood-level randomized controlled trial to evaluate the effects of
an intervention designed to improve women’s job search by enabling them to coordinate
travel with other job-seeking women in their neighborhood. The intervention involved
matching women within neighborhoods and randomly varying whether they could coor-
dinate their travel to attend job interviews at nearby factories. We assess the impact on
women’s likelihood of attending interviews. Figure 1 illustrates the experimental design,
and Table A1 summarizes the implementation timeline. This section provides further de-

10 For instance, floor supervisors usually ask candidates trying out for helper jobs to iron or fold clothes,
and tasks related to stitching are assigned to workers trying out for sewing operator jobs.
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tails on the randomization procedure, sample recruitment, treatment arms, and treatment
take-up.

Figure 1: Experimental Design

Study Sample
Neighborhoods (n = 106)

(N = 693)

Control
𝑛1 = 33

(𝑁1 = 228)

M & CT
𝑛2 = 36

(𝑁2 = 241)

M & No CT
𝑛3 = 37

(𝑁3 = 224)

3.1 Neighborhoods and Randomization

The study takes place in 106 neighborhoods that served as catchment areas for screening
and enrolling women in the study sample. A team of surveyors defined and mapped
neighborhood boundaries prior to the start of the experiment. The boundaries were
drawn utilizing existing geographical features such as main roads, highways, parks, and
fields. When it was not feasible to create natural boundaries, paved roads, and non-
residential buildings were utilized. We created buffer zones between neighborhoods to
minimize spillovers between them (see Figure B1)11

Randomization was done at the neighborhood level. It was stratified within the city
and distance to the nearest factory. For each neighborhood, we calculated the distance
from the centroid to the factory and binned the distances into 9 categories12 The bins have
a high correlation with travel cost to the factory using two common modes of transport:
shared auto-rickshaws (𝑐𝑜𝑟𝑟 = 0.51) and private auto-rickshaws (𝑐𝑜𝑟𝑟 = 0.42). Within a
city-distance bin combination, we randomly assigned neighborhoods to two treatment
groups or a control group. Table 1 presents neighborhood characteristics and tests for
balance across the three groups. We do not find any significant differences across the
three groups.

11 Whenever possible, we used natural separators such as highways or non-residential buildings
12 Specifically, the bins were defined as follows: distance bin = 1 if the distance from a neighborhood to the
factory (𝑑) ≤ 2km. distance bin = 2 if 2 < 𝑑 ≤ 3; distance bin = 3 if 3 < 𝑑 ≤ 4; distance bin = 4 if 4 < 𝑑 ≤ 5;
distance bin = 5 if 5 < 𝑑 ≤ 6; distance bin = 6 if 6 < 𝑑 ≤ 7; distance bin = 7 if 7 < 𝑑 ≤ 8; distance bin = 8 if
8 < 𝑑 ≤ 11 and distance bin = 9 if 11 < 𝑑 ≤ 13.
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Table 1: Neighborhood Characteristics and Balance

(1) (2) (3) (1)-(2) (1)-(3) (2)-(3)
Control M & CT M & No CT Pairwise t-test

Variables Mean/(SD) Mean/(SD) Mean/(SD) P-value P-value P-value
Number of women enrolled to the study 6.91 6.69 6.05 0.78 0.17 0.41

(0.45) (0.64) (0.43)
Approximate number of households 200.61 201.67 198.92 0.90 0.83 0.79

(4.13) (7.72) (6.85)
= 1 if metro station nearby 0.45 0.36 0.38 0.44 0.53 0.88

(0.09) (0.08) (0.08)
= 1 if bus stop within neighborhood boundary 0.03 0.00 0.03 0.32 0.94 0.32

(0.03) (0.00) (0.03)
One-way trip to closest partner factory:
Cost of private auto (USD) to factory 1.30 1.43 1.93 0.36 0.19 0.30

(0.10) (0.10) (0.47)
Cost of shared auto (USD) to factory 0.37 0.29 0.29 0.24 0.23 0.97

(0.06) (0.02) (0.02)
Distance to factory (Kms) 4.50 4.60 5.37 0.88 0.23 0.27

(0.48) (0.45) (0.53)
Minutes to factory 15.94 16.86 16.51 0.49 0.67 0.80

(0.93) (0.94) (0.96)
Number of neighborhoods 33 36 37 69 70 73
Notes: This table presents the average values for neighborhood characteristics and tests for balance across the three groups - control, Matching & Coor-
dinated Travel, and Matching & No Coordinated Travel. A unit of observation is a neighborhood. The last 3 columns show the p-values from the pair-
wise t-tests checking for equality of two means. Standard errors are in parentheses. ***, **, and * represent significance at 1%, 5%, and 10%, respectively.

3.2 Sample Recruitment

Post randomization, starting in February 2024, enumerators went door-to-door to screen
and enroll women in the experiment. For screening, random sampling procedures were
used. 13 The screening criteria included six conditions, and women needed to satisfy
all six: (1) be between the ages of 18-40, (2) have a government-issued ID, (3) be able
to operate either an industrial or home sewing machine, (4) not engage in full-time or
part-time work outside their homes, (5) not have worked with our partner factory in the
last 3 months, and (6) be interested in working at the partner factory14. Criteria (1)-(3)
aligned with the hiring requirements of the partner factories, while criteria (4)-(5) targeted
women more likely to face mobility constraints when engaging in paid work outside their
homes. Criterion (6) ensured we recruited women who had expressed a willingness to
work.

Based on the screening criteria, 693 women across 106 neighborhoods —on average,
13 Prior to initiating recruitment, we mapped the lanes and entry points for each neighborhood and selected
a random entry point to start the screening process. Following this, they navigated the area using a right-
hand rule. This approach ensured that houses closer to main or paved roads did not have a higher likelihood
of being surveyed.
14 We asked women to express their willingness to work independently of their families’ approval or
disapproval. Therefore, if a woman indicated she was willing to work but was unsure whether her husband
would allow it, she was still considered eligible.
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7 women per neighborhood —were included in the study sample. Table A2 presents the
baseline sample characteristics by the three groups and tests balance. Table A4 tests for
balance in balance survey completion across the three groups. We do not find evidence
of selection into the sample based on treatment assignment15.

At baseline, women on average were: 28.7 years old, mostly married, and had 3.5
household members. 11% had worked in the past six months and only 16% reported
making a trip outside their homes in search of jobs. 70% reported traveling with friends
or family to mitigate safety concerns. A significant proportion (47%) had traveled with
companions in the past week, and 60% did so during their most recent trip. 24% women
reported that they didn’t go outside of their neighborhoods in the past week and 14%
reported not even leaving their houses.

3.3 Treatments

3.3.1 Individual & Group Meetings

In the treated neighborhoods, women from the study sample were matched through
group meetings. Group meetings often took place in a public space on the same day as
the baseline surveys. On average, two meetings were held per neighborhood, with four
women present in each meeting.16 In the control neighborhoods, individual (one-to-one)
meeting with an enumerator was conducted instead.17 Female enumerators facilitated all
research activities, including screening, surveys, and meetings.

During these meetings —individual and group —women were provided with details
about the jobs at the partner factories. This included information about the factory,
interviews, how to travel to the factory, salaries, work days and timings, and overtime
policies. Women were also invited to attend job interviews during the meetings and were
provided with an “invitation letter”. It included their name, factory’s address, interview
time, and assigned interview dates. Women were assigned to a 2-day interview window
and they could show up on either day.18

15 At the time of consent, we explicitly informed women about the three groups and the group they were
assigned to.
16 We piloted conducting one meeting per neighborhood. However, a majority of women refused to attend
meetings more than 2-3 minutes walking distance away. Therefore, we decided to conduct multiple meetings
per neighborhood (ideally two) to improve take-up.
17 Table B1 presents key details about the content of the meetings.
18 If a woman didn’t follow her assigned date and showed up on a different date, she was still considered
for the job.
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3.3.2 Matching & Coordinated Travel (M & CT) Treatment

If a woman only travels with companions—whether to feel safer, or to navigate social
norms, or for convenience —the unavailability of companions could limit her attendance
at interviews and visits to prospective employers. It might also lead her to give up working
outside her home. A potential solution is to travel with other job-seeking women, but
they often do not know each other. In our study context, women tend to be socially
isolated, with their networks mostly limited to family members, who may discourage
them from working outside (Anukriti et al. 2022; Afridi et al. 2023). The Matching &
Coordinated Travel treatment addresses these challenges by matching job-seeking women
within neighborhoods and helping them coordinate travel.

In a Matching & Coordinated Travel neighborhood, women from the study were
invited to attend group meetings - designed to introduce them to each other. During the
meetings, enumerators led ice-breaking activities, provided information about interviews
and jobs at the nearest partner factory, and explained how to travel there. The main
objective was to help women coordinate their travel to the interviews. To facilitate this,
women were assigned to the same two-day interview window at the factory. It was meant
to nudge them to coordinate their travel with each other instead of relying on family
members. We also explicitly encouraged them to coordinate their travel.19 To improve
the coordination, we also created WhatsApp groups for each meeting. 44% of the women
from the treatment were part of the WhatsApp groups. At the end of the meetings, women
were given time to socialize.

In the control neighborhoods, enumerators conducted individual meetings with
women and invited them to interviews. To understand if women face constraints in coordi-
nating their travel and finding travel companions, women within a control neighborhood
were assigned to the same two-day interview window at the nearest partner factory, same
as the Matching & Coordinated Travel treatment. But, they were not matched together.
We also did not discuss the idea of coordinating travel or traveling with companions to
avoid inducing demand effects. This approach allows us to examine if women do travel
with companions to interviews.

19 Interview windows varied across Matching and & Coordinated Travel neighborhoods based on when
the baseline surveys were completed for all women within a neighborhood. As a result, interview windows
were spread out between March and June 2024.
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3.3.3 Matching & No Coordinated Travel (M & No CT) Treatment

The Matching & Coordinated Travel treatment combines two elements: first, it matches
women through group meetings, and second, it helps them coordinate their travel to
factory interviews. To isolate the effect of coordinated travel from the effects of matching
or group meetings, we designed the Matching & No Coordinated Travel treatment. In a
Matching & No Coordinated Travel neighborhood, women were invited to attend group
meetings, but they were assigned different interview windows to reduce their probability
of coordinating travel with other women. Women, in principle, could disregard their
assigned dates and attend interviews with other women from the group meetings but we
do not find many instances of this happening.

Within each group meeting, women were assigned a unique 2-day interview window
to avoid women from having overlapping dates. The dates were assigned randomly on a
rolling basis, usually starting one day after the group meeting. For example, if four women
attended a meeting on June 20, 2024, one woman was assigned to interview on June 22-23,
another to June 24-25, and so on. The group meetings were identical in design and content
to those in the Matching & Coordinated Travel treatment, except that coordinating travel
was not mentioned. This meant that a woman in the Matching & No Coordinated Travel
treatment received same interactions with other women as in the Matching & Coordinated
Travel treatment. We also created WhatsApp groups for each meeting and 57% of women
joined the groups.

3.4 Treatment Take-Up

In the two treatment neighborhoods, we scheduled group meetings shortly after complet-
ing the baseline surveys to maximize participation. If a woman was unable to attend a
scheduled meeting, we rescheduled it for a time when at least one other woman was avail-
able. When even this was not feasible, we conducted individual (one-to-one) meetings
with her. During the individual meetings, we provided her with an interview invitation
letter and assigned an interview window according to the research design. If a woman
refused to attend the meetings after completing the baseline surveys, we didn’t follow up
with her for rescheduling.

By design, meeting participation in the control group was 100%. In Table 2 we
present details on the group meetings for the two treatments and in Table A5, we check
for balance across the two groups. 95% of women from the Matching & Coordinated Travel
and 93% women from the Matching & No Coordinated Travel treatments attended the
group meetings. Only 4% and 2% of women from the Matching & Coordinated Travel and

14



Matching & No Coordinated Travel attended the meeting alone. On average, 4.3 women
were present per Matching & Coordinated Travel group meeting, and 3.8 women were
present per Matching & No Coordinated Travel group meeting. The only dimension where
there is an imbalance across the two treatments is the average number of days between
the meeting and the start of the interview window: in Matching & No Coordinated Travel
treatment, there were 6.5 days compared to 3 and 3.5 days for the Matching & Coordinated
Travel and control groups. In Table A7 we show that the treatment effects are robust to
controlling for the number of days between the meetings and the interviews.

Table 2: Detailed Information on Group Meetings

M & CT M & No CT
Mean(SD) Mean(SD)

=1 if attended meeting 0.95 0.93
(0.21) (0.25)

=1 if attended alone 0.04 0.02
(0.19) (0.15)

=1 if attended with 1 other woman 0.11 0.13
(0.31) (0.34)

Total women present in the meeting 4.28 3.87
(1.97) (1.73)

=1 if joined meetings’ WhatsApp group 0.44 0.57
(0.50) (0.50)

Number of women known prior to the meeting 1.35 1.22
(1.50) (1.35)

Observations 241 224
Neighborhoods 36 37

Notes: This table presents the details of the group meetings for the two treatment groups
- Matching & Coordinated Travel and Matching & No Coordinated Travel. A total of 122
group meetings were conducted across 73 neighborhoods.

4 Data and Empirical Specification

4.1 Data Collection

The empirical analysis uses the data from two sources: three rounds of survey data and
official factory records. Using surveys, we collected data on primary outcomes for the
study: interview attendance, job search trips, and number of job search trips. We rely
on administrative data from the factories to assess the effects on passing interviews and
accepting job offers. Baseline and follow-up surveys were conducted privately inside
women’s homes with only the enumerator and the respondent present. The surveys at
the factory location were administered inside a room in the factory. The study timeline is
presented in Table A1.
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The first round of surveys were the baseline surveys. We collected data on household
demographics, employment history, job search activity such as making trips to employers
or places of work, travel patterns, feeling of safety when traveling, gender attitudes,
existing social connections, and prevalent household norms. Questions on job search
included instances of women traveling outside their homes in search for jobs in the past
two weeks, number of employers visited, and number of interviews attended. To measure
physical mobility, we collected information on the total number of trips made outside their
homes and neighborhoods in the the past week and also elicited details on cost, duration,
travel companions, and mode of transport for two most recent trips. We also asked women
to identify the number of women they know living nearby and the frequency of interacting
and traveling with them.

The second round of surveys were conducted at the partner factories to collect data
on interview attendance. Enumerators were present every day all day at the factories to
record information on study participants showing up for the interviews. We collected
information on cost, duration, travel companions, and mode of transport to the factory.

The third round of surveys are the follow-up surveys that were conducted six weeks
after the interviews. We collected same information as the baseline surveys. The comple-
tion rate for follow-up surveys is 80%. In Table A4, we test for selective completion across
the three groups and find no evidence of the same.

4.2 Empirical Specification

The primary specification estimates the Intent-to-Treat (ITT) effects of being assigned to
either Matching & Coordinated Travel or Matching & No Coordinated Travel treatments
relative to the control group. It implements a comparison of means and estimates:

𝑌𝑖𝑛𝑠 = 𝛽0 + 𝛽1M & CT𝑛 + 𝛽2M & No CT𝑛 + 𝛾1X𝑖 + 𝛾2Z𝑛 + 𝜇𝑠 + 𝜖𝑖𝑛𝑠 (1)

𝑌𝑖𝑛𝑠 is the outcome for women 𝑖 in neighborhood 𝑛 in stratum 𝑠. M & CT𝑛 is a
binary indicator for whether a neighborhood n was assigned to Matching & Coordinated
Travel treatment and M & No CT𝑛 is the binary indicator for whether it was assigned to
Matching & No Coordinated Travel treatment. X𝑖 is a vector of baseline characteristics of
women in Table A2 and Z𝑛 is a vector of neighborhood characteristics such as travel time
and cost to the nearest factory in Table 1. 𝜇𝑠 denote strata fixed effects20. Standard errors
are clustered at the neighborhood level. All regressions include strata-fixed effects. We

20 Strata are city-distance bin combinations, as discussed in subsection 3.1.
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also test for 𝛽1 = 𝛽2.

We also estimate heterogeneous treatment effects by number of known women nearby
and feeling of safety when traveling, measured at the time of baseline surveys. We estimate
the regression equation:

𝑌𝑖𝑛𝑠 = 𝛽0 + 𝛽1M & CT𝑛 + 𝛽2M & No CT𝑛 (2)

+ 𝛽3M & CT𝑛 × Covariate𝑖𝑛𝑠 + 𝛽4M & No CT𝑛 × Covariate𝑖𝑛𝑠
+ 𝛽5Covariate𝑖𝑛𝑠 + 𝛾1X𝑖 + 𝛾2Z𝑛 + 𝜇𝑠 + 𝜖𝑖𝑛𝑠

Number of known women nearby is the total number of women they know in their
buildings, and adjacent and opposite housing structures. Covariate𝑖𝑛𝑠 = 1 if number of
known women is less than the median for the study sample. To create a measure of
women’s feeling of safety, we use baseline responses to three questions: How safe do you
feel while traveling by the following means - auto, walking, and bus during daytime?
Women ranked their responses on a Likert scale - very less, less, neither less or more,
more, a lot more. A higher score implies a higher feeling of safety. We take an average
of the three responses. Covariate𝑖𝑛𝑠= 1 if the average is less than the median for the study
sample.

Outcomes of Interest

There are three primary outcomes of interest. The first primary outcome of interest is
interview attendance: a binary indicator for whether a woman i attended interviews at
the partner factories. The second primary outcome of interest is a binary indicator for
whether a woman made a job search trip —i.e., traveled outside her home in search of jobs
or to visit a prospective employer —in the past six weeks. The third primary outcome is
the number of job search trips made in the past six weeks. Data on job search outcomes
were collected during the follow-up surveys and we reminded women to not include
the trip made to the interviews as part of the interview experiment when recalling such
instances.

We also measure the effect on a range of secondary outcomes. One secondary outcome
of interest is whether women coordinated their travel with study women to the interviews.
It is a binary indicator for whether a woman traveled to the interviews with study women.
We also estimate the effect of the treatments on whether a woman made a job search
trip with a woman from her neighborhood. We also measure the effect on employment:
whether a woman accepted job at a partner factory and whether she was employed
anywhere at the time of the follow-up surveys. Finally, we measure the effects on a
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woman’s connections with other women living nearby. During the follow up surveys, we
asked each woman to identify all women they know living in the same building as her
and in adjacent and opposite houses. We estimate the effects on the number of known
women nearby, if she interacted and discussed household issues with them in the past
week and if she traveled outside her home with them in the past week.

5 Results

5.1 Interview Experiment

Table 3: Overview of experimental arms

Interview Invite Group Meeting
Same Interview

Dates

M & CT Yes Yes Yes
M & No CT Yes Yes No - Different to all
Control Yes No Yes

We begin our empirical analysis by examining the effect of the Matching & Coordi-
nated Travel treatment on one of the primary outcomes for the experiment - interview
attendance at the partner factories. We show the results in Table 4. Columns 1 and 2
show the effect on women’s attendance at interviews; columns 3 and 4 show the effect
of coordinating travel with study women to the interviews; and columns 5 and 6 show
the effect of traveling with non-study companions to the interviews. Columns 1,3 and 5
include strata-fixed effect, and columns 2,4 and 6 also control for baseline neighborhood
and sample characteristics (showing estimates of regression Equation 1).

The Matching & Coordinated Travel treatment led to a large increase in the probability
of women attending interviews compared to the control group (columns 1 and 2). 15.4% of
women from the control group attended interviews.21 The treatment increases this share
by 13.1 percentage points (p-value = 0.015, column 2). These effects are remarkable. A soft-
touch intervention that matches job-seeking women within a neighborhood and enables
them to coordinate their travel can increase the probability of attending interviews by as
much as 85%. These point estimates align closely with previous research on labor market
barriers faced by women. For example, Bursztyn et al. 2020 document a 11–15 percentage
point increase in job sign-up and show-up rates among women in Saudi Arabia after
21 The attendance is similar to the baseline proportion of women from the control group making a trip to
an employer in search of jobs in the past two weeks.
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learning that most Saudi men support women working outside the home.22 Our findings
also parallel those of Grosset and Donald 2024, who show that job-seekers in Côte d’Ivoire
are 15 percentage points more likely to accept a job if individuals in their social network
are also offered the same shift.

Table 4: Effects on Attending Interviews

=1 if traveled to the interviews with
= 1 if participated

in interviews Study women Non-study
companion

(1) (2) (3) (4) (5) (6)

M & CT (𝛽1) 0.118** 0.131** 0.095* 0.099* 0.043 0.043
(0.055) (0.053) (0.051) (0.051) (0.030) (0.030)

M & No CT (𝛽2) -0.017 -0.006 -0.041 -0.041 0.044 0.048*
(0.044) (0.045) (0.040) (0.041) (0.028) (0.029)

p-value: 𝛽1 = 𝛽2 0.015** 0.007*** 0.007*** 0.002*** 0.975 0.885

Controls N Y N Y N Y
Control Mean 0.154 0.154 0.096 0.096 0.035 0.035
Neighborhoods 106 106 106 106 106 106
Observations 693 693 693 693 693 693

Notes: This table presents treatment effects on women’s probability of attending interviews at the
partner factories (columns 1 and 2) and whether the women traveled to the factories with study
women or non-study companions (Columns 3-6). Each column represents a separate regression.
All regressions include strata-fixed effects. Controls include baseline values of variables in Table 1
and Table A2. Standard errors are clustered at the neighborhood level and are in parentheses. ***,
**, and * represent significance at 1%, 5%, and 10%, respectively.

We investigate the role of travel coordination in driving the treatment effects by
analyzing how women traveled to the interviews. Among interviewees in the control
group, 83% (control mean of 0.096 + 0.035) traveled to the factory with companions,
and three-fourths (or 63%) did so with other study women. This is particularly striking
because during the individual one-to-one meetings with the women from the control
group there was no mention of traveling with companions or coordinating with peers. In
columns 3 and 4 of Table 4, we find that the Matching & Coordinated Travel treatment
increases the likelihood of women traveling with study peers by 9.5–10 percentage points,
or approximately 98–104% over the control group mean of 9.6%. Columns 5 and 6 show
a smaller and statistically insignificant increase of 4.3 percentage points in traveling with
non-study companions. Conditional on attending interviews, the likelihood of traveling
with companions is similar across groups, suggesting that the treatment did not create
new demand for companions but instead made it easier for women to act on existing
preferences.

22 Similarly, McKelway 2021 finds an 11 percentage point increase in women signing up for jobs in rural
India when their families are given information and shown a promotional video about the job.
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The two findings —higher interview attendance in the Matching & Coordinated
Travel treatment, and the fact that most interviewees in the control group traveled with
companions —suggest that women face constraints in coordinating their travel on their
own. If there were no such constraints, we would observe similar attendance rates across
the Matching & Coordinated Travel treatment and the control group or lower instances of
women traveling with companions.

It is also possible that the increase in interview attendance under the Matching &
Coordinated Travel treatment is driven by women knowing other job-seeking peers in their
neighborhood, rather than by the opportunity to coordinate travel with them to interviews.
Expanding a woman’s social network to include others who are also interested in working
at the same employer can influence interview attendance through mechanisms beyond
travel coordination. First, it may reduce pushback from her family by providing them with
information about jobs (McKelway 2021), by signaling the gender-appropriateness of the
work (Subramanian 2024), or by lowering the social costs associated with her working
outside the home. Second, it may make factory jobs appear more attractive by offering
the possibility of working and commuting alongside friends and neighbors (Grosset and
Donald 2024), or by improving expectations about safety in the workplace (Sharma 2023).

While we are not able to separately identify the effects of these mechanisms, our
experimental design allows us to isolate the effect of coordinated travel from them. The
Matching & No Coordinated Travel treatment is designed to generate the same social
exposure as the Matching & Coordinated Travel treatment. Women in both treatments
meet other job-seeking women from their neighborhoods, but those in the Matching & No
Coordinated Travel treatment are assigned to interviews on different dates, limiting their
ability to travel together. This ensures that the key difference between the two treatment
groups lies in the ability to coordinate travel. Consistent with this, women in the Matching
& No Coordinated Travel are 4.1 percentage points less likely to travel with study women
than those in the control group.

We find no effect of the Matching & No Coordinated Travel treatment on the proba-
bility of women attending interviews. In fact, the point estimate is negative. The impact
of Matching & Coordinated Travel treatment relative to the Matching & No Coordinated
Travel treatment are similar to its effects relative to the control group: 13.7 percentage
points (p-value <0.01) or 93% increase over the mean of 14.7%. With this estimate, we can
attribute the differences in interview attendance between Matching & Coordinated Travel
and the control group to women coordinating their travel. In other words, it suggests
that group meetings or matching job-seeking women in a neighborhood is not sufficient
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to improve attendance in interviews if women can’t ultimately coordinate their travel to
interviews.

5.2 Beyond Interview Experiment

In Table 5, we test whether the two treatments affected women’s job search beyond the
interview experiment. Since most women who participated in the interviews did not
secure jobs at the partner factories (we present details in subsection 6.2), we examine if
women in the two treatments were more likely to continue looking for jobs elsewhere.
We estimate the effect on three outcome variables. Columns 1 and 2 show the impact of
making a job search trip —whether a woman traveled outside her home in search of jobs
or to visit a prospective employer —in the past six weeks. Columns 3 and 4 show the
effects on making such trips with women from the neighborhood. Columns 5 and 6 show
the impact on the number of job search trips made in the past six weeks.

From the control group, 16% of women made a job search trip in the past 6 weeks.
The Matching & Coordinated Travel treatment increases the probability by 12.6 percentage
points (column 2, p-value < 0.01). This represents a 78% increase over the control group
mean. In columns 5 and 6, we find that women in the Matching & Coordinated Travel
treatment also make an additional 0.37 trips (column 6, p-value = 0.016) —or more than
double the number of trips than women in the control group.

In principle, women from the Matching & No Coordinated Travel treatment could
also coordinate their travel to prospective employers outside of the interview experiment.
Consequently, it could have a positive effect on women’s job search beyond the interview
experiment. We find results along this reasoning. The Matching & No Coordinated Travel
treatment has a positive but statistically insignificant impact on women’s probability of
making a job search trip. The magnitude of the effect on the number of job search
trips is similar (statistically and in magnitude) to the Matching & Coordinated Travel
treatment. These results suggest that while both treatments matched job-seeking women
in a neighborhood, there was an additional benefit of inviting women to attend interviews
on the same dates. Perhaps the actual experience of coordinating travel to interviews led
women to continue coordinating their travel for future trips.

Columns 3 and 4 provide evidence suggesting that the effects of Matching & Coor-
dinated Travel on women’s job search are driven by coordinated travel. We find that the
treatment has a large and statistically significant impact on a woman making job search
trips with women from her neighborhoods. Specifically, a woman from Matching & Co-
ordinated Travel treatment is 10-11 percentage points (135% to 150%, p-value < 0.01) more
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likely than a woman from the control group to have traveled with women from their neigh-
borhoods in search of jobs. We find limited but similar evidence for the Matching & No
Coordinated Travel treatment. Women in Matching & No Coordinated Travel treatment
are 2.2 percentage points more likely than women in the control group to make job search
trips with women from the neighborhood. However, the difference is not statistically sig-
nificant. As a result, the difference between the Matching & Coordinated Travel treatment
and Matching & No Coordinated Travel treatment is large and statistically significant:
approximately 9 percentage points (p-value < 0.01).

Table 5: Effects on Job Search 6 weeks after Factory Interviews

= 1 if made job search
trips

= 1 if made job search
trips with women

from neighborhood
Number of job search

trips

(1) (2) (3) (4) (5) (6)

M & CT (𝛽1) 0.120*** 0.126*** 0.106*** 0.111*** 0.349** 0.369**
(0.045) (0.047) (0.031) (0.032) (0.143) (0.150)

M & No CT (𝛽2) 0.031 0.027 0.025 0.022 0.252 0.206
(0.045) (0.047) (0.030) (0.030) (0.188) (0.197)

p-value: 𝛽1 = 𝛽2 0.024** 0.007*** 0.007*** 0.002*** 0.591 0.339

Controls N Y N Y N Y
Control Mean 0.160 0.160 0.074 0.074 0.330 0.330
Neighborhoods 104 104 104 104 104 104
Observations 560 560 560 560 560 560

Notes: This table presents treatment effects on women’s job search trips outside the interview experiment as reported
by women during follow-up surveys 6 weeks after the interviews. The number of observations is less than N = 693
because it only includes women that we were able to follow up with during these surveys. The reference period for
the three outcomes is six weeks after the interviews at the partner factories and does not include interviews at the
partner factories. In Columns (1)-(2), =1 if made job search trips is the indicator variable for making a trip outside the
home in search of jobs or to prospective employers. In Columns (3)-(4), =1 if made job search trips with women from
neighborhood is the indicator variable of making any job search trip with other women from their neighborhoods. In
Columns (5)-(6), number of job search trips is the total number of trips made to the employers. If a woman visited
multiple employers in one trip, it’s counted as one trip. All regressions include strata-fixed effects. Controls include
baseline values of variables in Table 1 and Table A2. Standard errors are clustered at the neighborhood level and are
in parentheses. ***, **, and * represent significance at 1%, 5%, and 10%, respectively.

6 Discussion

6.1 Pathways

In this section, we provide a discussion on different pathways that can help explain the
effects of Matching & Coordinated Travel treatment on women’s job search.

We begin by documenting evidence supporting our argument in the previous section
that the effects of Matching & Coordinated Travel treatment are driven by women being
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able to travel with other job-seeking women when looking for jobs. In Table 6, we present
the results on women’s interactions with nearby women during the follow-up surveys.
In column 1, we look at the effect on the number of known women nearby and find that
Matching & Coordinated Travel treatment increases it by 1.08 and Matching & No Coor-
dinated Travel treatment increases it by 0.52. The two-point estimates are not statistically
different from each other (𝛽1 = 𝛽2, p-value = 0.2). Similarly, in column 2, we find that the
two treatments also have a similar size effect on a woman discussing general issues with
nearby women in the past week: women in Matching & Coordinated Travel treatment are
9.1 percentage points, and women in Matching & No Coordinated Travel treatment are 8.6
percentage points more likely to discuss household or general issues with these women.

In contrast, in column 3, we find that women in Matching & Coordinated Travel
treatment are significantly more likely (7.8-8.3 percentage points) than women in Matching
& No Coordinated Travel treatment ((𝛽1 = 𝛽2, p-value = 0.03) and control group (p-value =
0.052) to have traveled outside with the nearby women in the past week for non-job search
related purposes. This shows that the two treatments have similar effects on a woman
knowing nearby women and interacting with them. However, a woman from Matching
& Coordinated Travel treatment is more likely to travel with them for non-job related
purposes in the past week.

This set of results reassures us that the nature of group meetings and the effect of
the group meetings in both treatments did not differ significantly except for changing
how women travel. The experience of coordinating travel to interviews could increase
women’s job search through multiple mechanisms. It could encourage a woman to con-
tinue traveling with other job-seeking women for future job-search trips. It could also
foster deeper friendships, which may further motivate her to actively seek employment.
Consequently, these friendships could also provide her with valuable information about
job openings or prospective employers and might even help convince her family to sup-
port her job search. The fact that women were more likely to coordinate their travel with
others from their neighborhoods for job search (column 4 of Table 5) and for non-job
related purposes (column 3, Table 6), while their connections and interactions did not
differ across the two treatments —is potentially consistent with the first mechanism. If it
were driven by other mechanisms, such as encouraging women to keep looking for jobs or
providing information regarding job vacancies, we would not expect to see a large effect
on women coordinating their travel when making job-searching trips and even non-job-
related trips. These results, therefore, provide direct evidence that effects are primarily
driven by women continuing to coordinate their travel when looking for jobs.
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Table 6: Effects on Connections with Women Living Nearby

Nearby known
women (#)

Discussed issues
w/ nearby

women (=1)

Traveled w/
nearby

women (=1)
(1) (2) (3)

M & CT (𝛽1) 1.085*** 0.091* 0.083*
M & No CT (𝛽2) (0.407) (0.047) (0.042)
Peer Effect 0.519 0.086 0.005

(0.504) (0.054) (0.043)
p-value: 𝛽1 = 𝛽2 0.20 0.91 0.03**

Control Mean 4.16 0.37 0.17
Neighborhoods 104 104 104
Observations 560 560 560

Notes: This table presents treatment effects on women’s connections with other women liv-
ing nearby as reported by them during Follow-up Surveys. The number of observations is
less than N = 693 because it only includes women that we were able to follow up with during
these surveys. Each column is a separate regression. In column 1, Nearby women known is
the total number of women study participants knew living nearby. We define living nearby
as living in the same housing structure and in adjacent and opposite houses. In column 2,
=1 if discussed household issues with peers is the indicator variable for discussing household or
general issues with nearby women in the past week. In column 3, =1 if traveled with peers is
the indicator variable for traveling with nearby women outside in the past week. All regres-
sions include strata fixed effects and controls in Table 1 and Table A2. Standard errors are
clustered at the neighborhood level and are in parentheses. ***, **, and * represent signifi-
cance at 1%, 5%, and 10%, respectively.

Next, we present results from the heterogeneity analysis of effects on interview at-
tendance and job search. In Table 7, we estimate heterogeneous treatment effects on the
probability of attending interviews (using regression Equation 2) by three baseline vari-
ables: column 1 reports the effects by fewer number of known women nearby (i.e., if the
number of nearby known women is less than the sample median), column 2 reports the
effects by the lower feeling of safety when traveling (i.e., if the sense of safety is less than
the sample median), and column 3 reports the effects by job search at baseline (i.e., if
women reported making a job search trip in the past 2 weeks). See subsection 4.2 for more
information on the three variables.

In column 1, we find that the Matching & Coordinated Travel treatment is significantly
more effective in increasing attendance for a woman who knew fewer women nearby than
the Matching & No Coordinated Travel treatment. That is, for a woman who knew
fewer women, the Matching & Coordinated Travel treatment increases her attendance in
interviews by 21.8 percentage points (𝛽1 + 𝛽3 = 0, p-value < 0.01) or by 192% relative to the
control group and by 19.1 percentage points (𝛽1 + 𝛽3 − 𝛽2 − 𝛽4 = 0, p-value <0.01) or 160%
relative to the Matching & No Coordinated Travel treatment. The effect of Only Matching
treatment is positive but small (2.7 percentage points) and statistically insignificant. Since
the Matching & Coordinated Travel treatment has such large effects on a woman with
relatively fewer connections in her neighborhood and Matching & No Coordinated Travel
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treatment has comparatively much smaller effects, it suggests that the treatment effects
(of Matching & Coordinated Travel) are not just driven by matching job seeking women
but also through their ability to coordinate their travel.

In column 2 we estimate the heterogeneous treatment effects by women’s baseline
levels of feeling of safety while traveling. This measure is complicated to interpret as it
is subjective and may be influenced by women’s experiences with harassment and the
frequency of travel. For example, a woman who seldom leaves her house may report
feeling safer simply because she doesn’t travel enough to experience issues with safety.
Conversely, a woman who reports feeling unsafe may be someone who travels more
frequently and, therefore, has a higher awareness of the safety challenges associated with
traveling. Nevertheless, we find that women who reported feeling unsafe while traveling
are more responsive to the treatment. Specifically, for women with a lower reported
feeling of safety, the Matching & Coordinated Travel intervention increases the interview
attendance by 43 percentage points (𝛽1+𝛽3 = 0, p-value < 0.01) relative to the control group
and by 27 percentage points (𝛽1 + 𝛽3 − 𝛽2 − 𝛽4 = 0, p-value <0.01) relative to the Matching
& No Coordinated Travel treatment.

In column 3, we estimate the heterogeneous treatment effects by whether a woman
made a job search trip outside her home in the two weeks preceding baseline surveys and
find no heterogeneity. From the control group, 32% of women who were searching for
jobs at baseline attended the interviews. For this group of women, we do not find any
differential effect of the two treatments on women’s probability of attending interviews.
For instance, women in the Matching & Coordinated Travel treatment who were searching
at baseline were 3 percentage points more likely to participate in interviews compared to
women who were not searching at baseline (𝛽3 + 𝛽5).

In Table A9, we replicate the heterogeneity analysis, this time focusing on treatment
effects on job search behavior. The results here are somewhat noisy due to a smaller
sample size, but we observe patterns consistent with previous findings. For women who
knew fewer women in their neighborhoods (column 1), the Matching & Coordinated
Travel treatment increases their likelihood of making a job search trip by 12.8 percentage
points (𝛽1+𝛽3, p-value = 0.02), or 100% relative to the control group, and by 7.9 percentage
points (𝛽1 + 𝛽3 − 𝛽2 − 𝛽4, p-value = 0.16) relative to the Matching & No Coordinated Travel
treatment. The effects on making job search trips with women from the neighborhood
are similar (column 4): for women who knew fewer women, Matching & Coordinated
Travel increases the probability of making a job search trip with neighborhood women by
10.2 percentage points (𝛽1 + 𝛽3, p-value = 0.018), a 200% increase over the control group,
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and by 6.1 percentage points (𝛽1 + 𝛽3 − 𝛽2 − 𝛽4, p-value = 0.13) relative to the Matching &
No Coordinated Travel group. For the effect on the number of job search trips (column
7), the direction of effects is consistent, but the differences are not statistically significant.
A plausible explanation for the smaller differences between Matching & Coordinated
Travel and Matching & No Coordinated Travel for women with fewer known connections
(compared to Table 7) is that for job search beyond the interview experiment, women in
the Matching & No Coordinated Travel treatment could also now coordinate their travel
together to pursue job opportunities.

Table 7: Heterogeneous Treatment Effects on Attending Interviews, by
Nearby Women Known, Feeling of Safety, and Job Search at Baseline

Fewer nearby
known (#)

Lesser feeling
of safety

Job search
at baseline

(1) (2) (3)

M & CT (𝛽1) 0.046 0.089 0.151***
(0.068) (0.056) (0.056)

M & CT × Covariate (𝛽3) 0.172** 0.342** -0.128
(0.073) (0.133) (0.132)

M & No CT (𝛽2) -0.030 -0.024 0.022
(0.053) (0.045) (0.044)

M & No CT × Covariate (𝛽4) 0.057 0.159 -0.147
(0.063) (0.107) (0.116)

Covariate (𝛽5) -0.110** -0.103 0.157
(0.043) (0.078) (0.096)

p-value:
𝛽1 = 𝛽2 0.224 0.042** 0.020**
𝛽1 + 𝛽3 = 0 0.000*** 0.001*** 0.850
𝛽1 + 𝛽3 − 𝛽2 − 𝛽4 = 0 0.003*** 0.025** 0.165

Control Mean 0.154 0.154 0.154
Control Mean if Covariate = 1 0.113 0.114 0.324
Neighborhoods 106 106 106
Observations 693 693 693

Notes: This table presents treatment effects on the interview participation at factories by women’s
baseline levels of number of nearby women known, feeling of safety and job search at baseline. Nearby
women known is the total number of women study participants knew living nearby. We define living
nearby as living in the same housing structure and in adjacent and opposite houses. For column 1,
Covariate = 1 if the number of known women is less than the median of the sample. Women’s feeling
of safety is the average of responses to the question: How safe do you feel while traveling by the following
means (auto, walk, bus) during the daytime? A higher score implies a higher feeling of safety. Covariate
= 1 if the average of the three responses is less than the median of the sample. In column 3, Covariate
= 1 if women reported traveling outside their homes in search of jobs two weeks preceding the base-
line surveys. Each column is a separate regression. All regressions include strata fixed effects and
controls in Table 1 and Table A2. Standard errors are clustered at the neighborhood level and are in
parentheses. ***, **, and * represent significance at 1%, 5%, and 10%, respectively.

In columns 2, 5, and 8, we find no significant heterogeneity in treatment effects based
on women’s reported feelings of safety. However, women who reported feeling less safe
in Matching & Coordinated Travel and Matching & No Coordinated Travel treatments are
more likely to look for jobs than those in the control group with similar levels of feelings of
safety. Next, we examine the effects by baseline job search, and find that the effects on job
search are markedly larger for Matching & Coordinated Travel among women who were
already searching at baseline (column 3). Specifically, among these women, Matching &
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Coordinated Travel increases the probability of making a job search trip by 20.7 percentage
points over the control and by 25.4 percentage points over Matching & No Coordinated
Travel. It also increases their probability of traveling with neighborhood women (column
6) for job search, but we do not find significant differences in the effects on the number of
trips (column 9).

Overall, these findings suggest that the treatments were especially effective for women
with fewer known connections nearby. By helping them expand their networks to include
other job-seeking women, the treatments likely provided these women with travel com-
panions who could travel with them during their job search trips. The larger impact on
job search for women who were already searching indicates that the treatment intensified
their job-seeking efforts. Since there are no significant differences in interview attendance
by whether a woman was searching for jobs at baseline, it suggests that her outside job
search may have also been constrained by other barriers, such as limited information about
employers or jobs - which was less of a barrier for factory interviews as job vacancies and
interview locations were clearly communicated to all participants.

One simple explanation for the treatment effects of Matching & Coordinated Travel
on interview attendance is that traveling together may be cheaper due to economies of
scale. For example, women could split travel expenses by booking a private vehicle or
using cheaper shared options, such as carpooling with other women or family members
or sharing an autorickshaw. To test whether reduced travel costs explain the treatment
effects, we estimate heterogeneous effects by distance and travel cost in Table A10. In
column 1, we estimate the effect by distance to the nearest partner factory. The distances
were measured using Google Maps from the center of a neighborhood to the nearest
partner factory gate. In Column 2, we estimate the effect of attending interviews by travel
cost to the factory using a private autorickshaw - a commonly used mode of transport.
We find no variation in effects of Matching & Coordinated Travel treatment by distance
(𝛽3 + 𝛽5 = 0.352) or cost to the factory (𝛽3 + 𝛽5 = 0.128). These findings provide suggestive
evidence that the treatment effects are less likely to be driven by reducing travel costs.

6.2 What about Employment?

This paper centers around the effects of coordinated travel on women’s job search, however,
in this section, we also examine the effects on employment as a downstream outcome. We
look at the effects of the treatments on accepting jobs at the partner factories and being
employed six weeks after the interviews.

In Table 8, column 1, we study the effects on women passing interviews at the factories.
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In column 2, we study the impact on women accepting job at the factories and in column
3, we study the effects on women working at the six week mark. Before getting into the
results, it is important to acknowledge that the majority (80%) of women who attended
the interviews did not pass them. This outcome was unexpected. Qualitative surveys
with factory supervisors and study participants suggest that this is in part driven by
some women not being qualified for manufacturing jobs and in part by hiring policies
of the factories that favor candidates with prior work experience —something relatively
uncommon in our sample.

Nevertheless, we find a positive effect on the probability of women attending and
passing interviews. 2% of women from the control group passed them. The Matching
& Coordinated Travel treatment increases the share by 2.7 percentage points from 2% to
4.7%. This is roughly proportional to the increase in interview attendance, suggesting that
the marginal women who attended interviews as a result of the treatment are not much
different from those in the control group. Women in the Matching & No Coordinated
Travel treatment are 2.1 percentage points more likely to pass the interviews compared to
the control group. The differences across the three groups are not statistically significant.

Table 8: Effects on Employment

Passed Interview Accepted Offer Employed at 6 weeks
(1) (2) (3)

M & CT (𝛽1) 0.027 0.024 0.082*
(0.024) (0.021) (0.048)

M & No CT (𝛽2) 0.021 0.012 0.056
(0.027) (0.021) (0.051)

p-value: 𝛽1 = 𝛽2 0.816 0.606 0.606

Control Mean 0.02 0.01 0.24
Neighborhoods 106 106 104
Observations 693 693 560

Notes: This table presents treatment effects on the interview passing rates, job take-up at the factory,
and employment at the time of follow-up surveys. The data for columns 1 and 2 comes from factory
administration. In column 3, the number of observations is less than N = 693 because it only includes
women that we were able to follow up with during these surveys. Each column is a separate regression.
Controls include baseline values of variables in Table 1 and Table A2. Standard errors are clustered at
the neighborhood level and are in parentheses. ***, **, and * represent significance at 1%, 5%, and 10%,
respectively.

Similarly, in Column 2, we find a positive effect on women accepting jobs at the
partner factories. Matching & Coordinated Travel treatment increases the share of women
accepting jobs by 2.4 percentage points, and Matching & No Coordinated Travel treatment
does so by 1.2 percentage points. It’s important to note that the lack of significant effects
of Matching & Coordinated Travel on employment at partner factories is not driven by
women declining job offers but rather, as noted before, by women not passing interviews.
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In fact, most of the women who were offered jobs accepted them.

Table 9: Heterogeneous Treatment Effects on Employment by Nearby
Women Known, Feeling of Safety, and Job Search at Baseline

Fewer nearby
known (#)

Lesser feeling
of safety

Job search
at baseline

(1) (2) (3)

M & CT (𝛽1) 0.045 0.063 0.044
(0.058) (0.056) (0.048)

M & CT × Covariate (𝛽3) 0.153** 0.008 0.219***
(0.071) (0.151) (0.079)

M & No CT (𝛽2) -0.022 0.054 0.033
(0.060) (0.050) (0.053)

M & No CT × Covariate (𝛽4) 0.041 -0.031 0.120
(0.071) (0.094) (0.080)

p-value:
𝛽1 = 𝛽2 0.280 0.860 0.823
𝛽1 + 𝛽3 = 0 0.027** 0.589 0.005***
𝛽1 + 𝛽3 − 𝛽2 − 𝛽4 = 0 0.039** 0.938 0.009***

Control Mean 0.245 0.245 0.245
Control Mean if Covariate = 1 0.269 0.286 0.387
Neighborhoods 104 104 104
Observations 560 560 560

Notes: This table presents treatment effects on employment during follow-up surveys by women’s
baseline levels of number of nearby women known, feeling of safety, and job search at baseline. Nearby
women known is the total number of women study participants knew living nearby. We define living
nearby as living in the same housing structure and in adjacent and opposite houses. For column 1,
Covariate = 1 if the number of known women is less than the median of the sample. Women’s feeling
of safety is the average of responses to the question: How safe do you feel while traveling by the following
means (auto, walk, bus) during the daytime? A higher score implies a higher feeling of safety. Covariate
= 1 if the average of the three responses is less than the median of the sample. In column 3, Covariate
= 1 if women reported traveling outside their homes in search of jobs two weeks preceding the base-
line surveys. Each column is a separate regression. All regressions include strata fixed effects and
controls in Table 1 and Table A2. Standard errors are clustered at the neighborhood level and are in
parentheses. ***, **, and * represent significance at 1%, 5%, and 10%, respectively.

In column 3, we present results on whether a woman was working for income at
the time of the follow-up of the surveys. Six weeks after the interviews, 24% of women
from the control group were employed. The Matching & Coordinated Travel treatment
increases a woman’s probability of being employed by 8.2 percentage points or 33% (p-
value = 0.09). The effect of Matching & No Coordinated Travel treatment is 5.6 percentage
points (or 23%), but the effect is not statistically significant.

To identify the mechanisms driving employment effects, we examine heterogeneous
treatment effects by baseline characteristics: the number of known women nearby, feelings
of safety while traveling, and prior job search status (Table 9). Since our interventions
organized multiple job-seeking women within neighborhoods into groups, they could
potentially influence norms around women’s work. If norm changes drive the effects, we
would expect the largest benefits among women not searching at baseline—those most
likely constrained by social norms. However, we find the opposite: employment effects for
both treatments are concentrated among women who were already searching at baseline.

Instead, the evidence suggests that increased job search intensity might be driving the
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employment gains. The Matching & Coordinated Travel treatment significantly increases
job search activity among baseline job-seekers during the six weeks following interviews
(Table A9, column 3, 𝛽1+𝛽3). These women are 21.7 percentage points more likely to make
job search trips and on average, conduct an additional 0.7 trips. For this same group, the
Matching & Coordinated Travel treatment outperforms the Matching & No Coordinated
Travel treatment in employment gains by 11 percentage points (column 3, 𝛽1 +𝛽3 −𝛽2 −𝛽4,
Table 9, p-value < 0.01). Supporting this pattern, women who knew fewer women at
baseline —another group more likely to engage in job search (Table A9, column 1, 𝛽1 + 𝛽3)
—also show significantly higher employment levels.

These findings argue against mechanisms common to both treatments, such as im-
proved perceptions of job amenities or reduced daily commuting costs. If such shared
mechanisms were primary drivers, we would not observe differential employment effects
between treatments among baseline job-seekers. Together, these results provide sugges-
tive evidence that the employment effects are at least in part driven by increasing women’s
job search.

Threats to Validity

A potential threat to the validity of results discussed in this section is that the negative point
estimate of the Matching & No Coordinated Travel treatment is driven by a larger number
of days between its group meetings and the start of the interview window. As previously
shown in Table A5, the average number of days between its meetings and interview
window was 6.5 days. In contrast, it was 3 and 3.5 days for the Matching & Coordinated
Travel treatment and the control group. A larger number of days could negatively affect
the momentum of women when seeking jobs where they are more enthusiastic about
attending an interview three days later rather than a week. It could also be that while
waiting for interview dates, they secure jobs elsewhere. It could also be that the women
who had attended interviews earlier had dissuaded others from attending by sharing
negative information about the interviews or the job.

We address these concerns in Table A7 by including fixed effects for the number of
days between the group meeting and the first day of the assigned interview window. We
also include interview date fixed effects. The treatment effects are robust to the inclusion
of these controls. Within a Matching & No Coordinated Travel group meeting, women
were assigned to the dates randomly, thereby addressing concerns about the effects being
confounded by other variables. In Table A8, we present results from regression Equation 2.
In this table, Covariate = 1 if the number of days between the meeting and interview
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window is less than the sample median. We find that for Matching & No Coordinated
Travel treatment, there are no differences in treatment effects across the two subgroups.

7 Conclusion
Restrictive social norms and safety concerns often limit women’s ability to travel freely
in developing countries, with far-reaching consequences for their economic participation.
This paper focuses on a specific yet underexplored constraint: many Indian women prefer
or are expected to travel only with companions. We show that in settings where women
are socially isolated and their networks rarely include other job-seekers, matching them
and enabling coordinated travel to interviews and employers can meaningfully improve
job search and employment outcomes.

We find that matching women within neighborhoods and scheduling their inter-
views on the same day significantly increases interview attendance by 85% relative to
individually invited women. By experimentally separating the effects of matching from
travel coordination, we show that the gains are driven by the ability to travel together.
Attendance increases by 93 percent compared to only being matched but not being able to
coordinate travel. The treatment is particularly effective for women who reported knowing
fewer peers nearby or feeling unsafe while traveling.

Beyond the interviews, the Matching and Coordinated Travel treatment led to a 78
percent increase in the likelihood of making job search trips and doubled the number of
trips relative to the control group. These gains were sustained by continued peer support.
Women in this group were twice as likely to travel with each other for job search and more
likely to coordinate non-work travel as well.

To get a better understanding of how our intervention places alongside interventions
that subsidize women’s travel costs to search for jobs, we use results from our pilot
experiment (presented in Table C1) and compare the effects of Matching & Coordinated
Travel treatment with an intervention that covers women’s travel costs of commuting to
the factory for the interviews. We find that covering commuting expenses increased
attendance by 7 to 9 percentage points, about half the effect of coordinated travel, which
increased attendance by 18 percentage points.

These results, along with our results from the main experiment, highlight the need
to study the strategies women use to navigate safety concerns and restrictive social norms
while traveling, as well as the costs and benefits of these behaviors, to inform transport
systems and policies better.

31



References
Abebe, Girum, A Stefano Caria, Marcel Fafchamps, Paolo Falco, Simon Franklin, and Simon

Quinn (2021). “Anonymity or Distance? Job Search and Labour Market Exclusion in
a Growing African City”. The Review of Economic Studies 88 (3): 1279–1310.

Abebe, Girum, Stefano Caria, Marcel Fafchamps, Paolo Falco, Simon Franklin, Simon
Quinn, and Forhad Shilpi (2023). “Matching Frictions and Distorted Beliefs:Evidence
from a Job Fair Experiment”. Working Paper 958. Queen Mary University of London,
School of Economics and Finance.

Afridi, Farzana, Amrita Dhillon, Sanchari Roy, and Nikita Sangwan (2023). “Social Net-
works, Gender Norms and Labor Supply: Experimental Evidence Using a Job Search
Platform”. CAGE Online Working Paper Series.

Aggarwal, Shilpa, Brian Giera, Dahyeon Jeong, Jonathan Robinson, and Alan Spearot
(2018). “Market Access, Trade Costs, and Technology Adoption: Evidence from North-
ern Tanzania”. Tech. rep. w25253. Cambridge, MA: National Bureau of Economic
Research: w25253.

Agte, Patrick and Arielle Bernhardt (2023). “The Economics of Caste Norms: Purity, Status,
and Women’s Work in India”.

Aguilar, Arturo, Emilio Gutiérrez, and Paula Soto Villagrán (2021). “Benefits and Un-
intended Consequences of Gender Segregation in Public Transportation: Evidence
from Mexico City’s Subway System”. Economic Development and Cultural Change 69
(4): 1379–1410.

Alam, Muneeza Mehmood, Maureen L. Cropper, Matias Herrera Dappe, and Palak Suri
(2021). “Closing the Gap: Gender, Transport, and Employment in Mumbai”. Policy
Research Working Paper Series.

Anukriti, S, Catalina Herrera-Almanza, and Mahesh Karra (2022). Bring a Friend: Strength-
ening Women’s Social Networks and Reproductive Autonomy in India. Policy Research
Working Papers. The World Bank.

Baranov, Victoria, Sonia Bhalotra, Pietro Biroli, and Joanna Maselko (2020). “Maternal De-
pression, Women’s Empowerment, and Parental Investment: Evidence from a Ran-
domized Controlled Trial”. American Economic Review 110 (3): 824–859.

Becerra, Oscar and José-Alberto Guerra (2021). “Valuing Personal Safety and the Gender
Earnings Gap”. SSRN Scholarly Paper. Rochester, NY.

32



Bernhardt, Arielle, Erica Field, Rohini Pande, Natalia Rigol, Simone Schaner, and Char-
ity Troyer-Moore (2018). “Male Social Status and Women’s Work”. AEA Papers and
Proceedings 108: 363–367.

Biswas, Soutik (2023). “Why half of India’s urban women stay at home”. Tech. rep. BBC
News.

Bjorvatn, Kjetil, Denise Ferris, Selim Gulesci, Arne Nasgowitz, Vincent Somville, and Lore
Vandewalle (2022). “Childcare, Labor Supply, and Business Development: Experi-
mental Evidence from Uganda”. SSRN Scholarly Paper. Rochester, NY.

Borker, Girĳa (2020). “Safety First: Perceived Risk of Street Harassment and Educational
Choices of Women”: 68.

— (2021). “Safety First: Perceived Risk of Street Harassment and Educational Choices of
Women”. Working Paper. Washington, DC: World Bank.

— (2024). “Understanding the constraints to women’s use of urban public transport in
developing countries”. World Development 180: 106589.

Buchmann, Nina, Carl Meyer, and Colin D Sullivan (2023). “Paternalistic Discrimination”.

Bursztyn, Leonardo, Alessandra L. González, and David Yanagizawa-Drott (2020). “Mis-
perceived Social Norms: Women Working Outside the Home in Saudi Arabia”. Amer-
ican Economic Review 110 (10): 2997–3029.

Caria, Stefano, Grant Gordon, Maximilian Kasy, Simon Quinn, Soha Shami, and Alex
Teytelboym (2020). “An Adaptive Targeted Field Experiment: Job Search Assistance
for Refugees in Jordan”. SSRN Scholarly Paper. Rochester, NY.

Chaturvedi, Sugat, Kanika Mahajan, and Zahra Siddique (2024). “Words Matter: Gender,
Jobs and Applicant Behavior”. SSRN Scholarly Paper. Rochester, NY.

Cheema, Ali, A. I. Khwaja, M. Naseer, and Jacob N. Shapiro (2022). “Glass Walls: Experi-
mental Evidence on Access Constraints Faced by Women”.

Chen, Yutong, Kerem Coşar, Devaki Ghose, Shirish Mahendru, and Sheetal Sekhri (2024).
“Gender-Specific Transportation Costs and Female Time Use: Evidence from India’s
Pink Slip Program”. Working Paper.

Chiplunkar, Gaurav and Pinelopi K. Goldberg (2021). “Aggregate Implications of Barriers
to Female Entrepreneurship”. Working Paper.

Chowdhury, Afra Rahman, Ana Carolina Areias, Saori Imaizumi, Shinsaku Nomura, and
Futoshi Yamauchi (2018). “Reflections of Employers’Gender Preferences in Job Ads

33



in India: An Analysis of Online Job Portal Data”. SSRN Scholarly Paper. Rochester,
NY.

Christensen, Peter and Adam Osman (2021). “The Demand for Mobility: Evidence from
an Experiment with Uber Riders”. SSRN Electronic Journal.

Crepon, Bruno, Caroline Crafft, Stefano Caria, and Nagy Abdelrahman (2024). “G²LM|LIC
- The Impact of Subsidized Access to Nurseries and Employment Services on Mothers’
Labor Market Outcomes and Child Development in Egypt”.

Dean, Joshua T. and Seema Jayachandran (2019). “Changing Family Attitudes to Promote
Female Employment”. AEA Papers and Proceedings 109: 138–142.

Díaz-Martin, Lucía, Akshara Gopalan, Eleonora Guarnieri, and Seema Jayachandran
(2023). “Greater than the Sum of the Parts? Evidence on Mechanisms Operating
in Women’s Groups”. The World Bank Research Observer 38 (1): 1–35.

Duflo, Esther, Pascaline Dupas, and Michael Kremer (2011). “Peer Effects, Teacher Incen-
tives, and the Impact of Tracking: Evidence from a Randomized Evaluation in Kenya”.
American Economic Review 101 (5): 1739–1774.

Field, Erica, Seema Jayachandran, Rohini Pande, and Natalia Rigol (2016). “Friendship
at Work: Can Peer Effects Catalyze Female Entrepreneurship?” American Economic
Journal: Economic Policy 8 (2): 125–153.

Field, Erica, Rohini Pande, Natalia Rigol, Simone Schaner, and Charity Troyer Moore
(2021). “On Her Own Account: How Strengthening Women’s Financial Control Im-
pacts Labor Supply and Gender Norms”. American Economic Review 111 (7): 2342–
2375.

Field, Erica and Kate Vyborny (2022). “Women’s Mobility and Labor Supply: Experimental
Evidence from Pakistan”. SSRN Scholarly Paper. Rochester, NY.

Fletcher, Erin, Rohini Pande, and Charity Troyer Moore (2017). “Women and Work in
India: Descriptive Evidence and a Review of Potential Policies”.

Franklin, Simon (2018). “Location, Search Costs and Youth Unemployment: Experimental
Evidence from Transport Subsidies”. The Economic Journal 128 (614): 2353–2379.

Gentile, Elisabetta, Nikita Kohli, Nivedhitha Subramanian, Zunia Tirmazee, and Kate
Vyborny (2023). “Barriers to Entry: Decomposing the Gender Gap in Job Search in
Urban Pakistan”. SSRN Scholarly Paper. Rochester, NY.

34



Grosset, Florian and Aletheia Donald (2024). “Labor Supply Complementarities in Urban
Côte d‘Ivoire”. Tech. rep.

Heath, Rachel and A. Mushfiq Mobarak (2015). “Manufacturing growth and the lives of
Bangladeshi women”. Journal of Development Economics 115 (C): 1–15.

Ho, Lisa, Anahita Karandikar, and Suhani Jalota (2023). “Bringing Work Home: Internet-
Mediated Gig Work and Women’s Employment”.

Hojman, Andrés and Florencia Lopez Boo (2022). “Public childcare benefits children and
mothers: Evidence from a nationwide experiment in a developing country”. Journal
of Public Economics 212: 104686.

Hsu, Hsin-Ping (2011). “How Does Fear of Sexual Harassment on Transit Affect Women’s
Use of Transit?”

Jalota, Suhani and Lisa Ho (2024). “What Works For Her? How Work-from-Home Jobs
Affect Female Labor Force Participation in Urban India”. SSRN Scholarly Paper.
Rochester, NY.

Jayachandran, Seema (2019). “Social norms as a barrier to women’s employment in devel-
oping countries”. Tech. rep. wp-2019-74. World Institute for Development Economic
Research (UNU-WIDER).

Kandpal, Eeshani and Kathy Baylis (2019). “The social lives of married women: Peer effects
in female autonomy and investments in children”. Journal of Development Economics
140: 26–43.

Kapoor, Rolly, Anirban Sanyal, and Moumita Das (2025). “The Girl on the Train: Effect of
Delhi Metro Transit System on Women’s Employment”.

Khanna, M. and Divya Pandey (2020). “Reinforcing Gender Norms or Easing House-
work Burdens? The Role of Mothers-in-Law in Determining Women’s Labor Force
Participation”.

Kondylis, Florence, Arianna Legovini, Kate Vyborny, Astrid Maria Theresia Zwager, and
Luiza Cardoso De Andrade (2020). “Demand for Safe Spaces: Avoiding Harassment
and Stigma”. SSRN Scholarly Paper. Rochester, NY.

Kumar, Naresh, Rolly Kapoor, Shilpa Aggarwal, Dahyeon Jeong, David Sungho Park,
Jonathan Robinson, and Alan Spearot (2025). “Going the Extra Mile: Farm Subsidies
and Spatial Convergence in Agricultural Input Adoption”. SSRN Scholarly Paper.
Rochester, NY.

35



Kumar, Neha, Kalyani Raghunathan, Alejandra Arrieta, Amir Jilani, Suman Chakrabarti,
Purnima Menon, and Agnes R. Quisumbing (2019). “Social networks, mobility, and
political participation: The potential for women’s self-help groups to improve access
and use of public entitlement schemes in India”. World Development 114: 28–41.

Lowe, M. and Madeline McKelway (2019). “Bargaining Breakdown: Intra-Household
Decision-Making and Female Labor Supply”.

Mahmud, Mahreen and Emma Riley (2021). “Household response to an extreme shock:
Evidence on the immediate impact of the Covid-19 lockdown on economic outcomes
and well-being in rural Uganda”. World Development 140: 105318.

McKelway, Madeline (2021). “McKelway_Jan2021_GSEEmpPaper.pdf”.

Muralidharan, Karthik and Nishith Prakash (2017). “Cycling to School: Increasing Sec-
ondary School Enrollment for Girls in India”. American Economic Journal: Applied
Economics 9 (3): 321–350.

Nandi, Arindam, Jere R. Behrman, and Ramanan Laxminarayan (2020). “The Impact of
a National Early Childhood Development Program on Future Schooling Attainment:
Evidence from Integrated Child Development Services in India”. Economic Develop-
ment and Cultural Change 69 (1): 291–316.

Phillips, David C. (2014). “Getting to work: Experimental evidence on job search and
transportation costs”. Labour Economics 29: 72–82.

Rao, Gautam (2019). “Familiarity Does Not Breed Contempt: Generosity, Discrimination,
and Diversity in Delhi Schools”. American Economic Review 109 (3): 774–809.

Sharma, Garima (2023). “https://garimasharma.com/files/monopsony_gender_gsharma.pdf”.

Subramanian, Nivedhitha (2024). “Workplace Attributes and Women’s Labor Supply De-
cisions: Evidence from a Randomized Experiment”.

Wheeler, Laurel, Robert Garlick, Eric Johnson, Patrick Shaw, and Marissa Gargano (2022).
“LinkedIn(to) Job Opportunities: Experimental Evidence from Job Readiness Train-
ing”. American Economic Journal: Applied Economics 14 (2): 101–125.

36



A Supplementary Tables and Figures

Table A1: Study Timeline

Summer 2022 • Pilot study in Selaqui,
India

September 2023 • Finalizing study areas in Faridabad and Noida
November 2023 • Creating boundaries for

neighborhoods
January 2024 • Randomization

March 2024 • Start of baseline surveys
and intervention meetings


Rolling interview dates,
and collection of
interview attendance data

June 2024 • Start of Follow-up Surveys

August 2024 • End of Fieldwork

Notes: This table presents the timeline for the experiment and data collection. Baseline surveys and
intervention meetings were held on a rolling basis from March 2024 to June 2024. During this time,
we assigned women with 2-day windows beginning one day after the group meetings were com-
pleted. The data on interview attendance was collected daily at the partner factories. The follow-up
surveys began by the end of May 2024 and were conducted 6 weeks after the interviews.
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Table A2: Baseline Characteristics of Women and Balance

(1) (2) (3) (1)-(2) (1)-(3) (2)-(3)

Control M & CT M & No CT Pairwise t-test

Variable Mean/(SD) Mean/(SD) Mean/(SD) P-value P-value P-value
Age 28.79 28.53 29.04 0.65 0.65 0.38

(0.39) (0.42) (0.39)
Married 0.79 0.79 0.82 0.98 0.71 0.65

(0.05) (0.04) (0.04)
Household size 3.31 3.53 3.68 0.44 0.21 0.52

(0.24) (0.16) (0.18)
Literate 0.84 0.87 0.79 0.62 0.44 0.11

(0.05) (0.03) (0.04)
Monthly household income (USD) 202.57 202.86 206.26 0.99 0.83 0.81

(13.44) (9.34) (10.24)
Owns phone 0.68 0.77 0.71 0.09* 0.49 0.22

(0.05) (0.03) (0.03)
Rented house 0.74 0.70 0.66 0.66 0.35 0.57

(0.06) (0.05) (0.05)
Worked in last 6 months 0.10 0.12 0.16 0.55 0.12 0.32

(0.02) (0.03) (0.03)
=1 if made a job search trip in past 2 weeks 0.16 0.17 0.22 0.92 0.22 0.22

(0.03) (0.02) (0.04)
= 1 if didn’t leave the house 0.14 0.16 0.21 0.55 0.08* 0.21

(0.03) (0.02) (0.03)
Number of trips within immediate vicinity 5.89 5.68 5.64 0.79 0.72 0.96

(0.54) (0.57) (0.44)
= 1 if didn’t leave neighborhood 0.24 0.28 0.32 0.25 0.07* 0.37

(0.03) (0.02) (0.03)
Number of trips outside of neighborhoods 1.26 1.44 1.13 0.41 0.53 0.13

(0.15) (0.15) (0.14)
=1 if belongs to lower caste 0.22 0.20 0.20 0.67 0.67 0.95

(0.04) (0.03) (0.04)

Number of observations 228 241 224 469 452 465
Number of neighborhoods 33 36 37 69 70 73

Notes: This table presents the average values for women’s baseline characteristics tests for balance across the three groups
- control, Matching & Coordinated Travel, and Matching & No Coordinated Travel. The last 3 columns show the p-values from
the pairwise t-tests checking for equality of two means. Standard errors are clustered at the neighborhood level and are
in parentheses. ***, **, and * represent significance at 1%, 5%, and 10%, respectively.
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Table A3: Number of Women Screened and Study Sample

Number of women that
satisfied the criteria

(1)

Between ages of 18-40 years 6647
Available for screening 5800

Screening Criteria:
Government Issued ID 4028
Can operate sewing machines 1665
Not working outside 1287
Not worked with partner factory in last 3 months 1268
Interest in working 772
Interest in working at partner factory 708
Participated in Baseline Survey (Study Sample) 693

Table A4: Survey Completion and Treatment Status

Baseline Follow-up
(1) (2)

M & CT (𝛽1) 0.001 -0.025
(0.022) (0.038)

M & No CT (𝛽2) 0.011 -0.008
(0.014) (0.045)

p-value: 𝛽1 = 𝛽2 0.587 0.673

Control Mean 0.979 0.825
Neighborhoods 107 106
Observations 708 693

Notes: This table presents completion levels of Baseline
and Follow-up surveys and tests for balance across the
three groups. All regressions include strata-fixed ef-
fects. Standard errors are clustered at the neighborhood
level and are in parentheses. ***, **, and * represent sig-
nificance at 1%, 5%, and 10%, respectively.
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Table A5: Group Meeting Attendance

Attended
meeting

Attended
alone

Total women
present

Days b/w meeting
& interview

(1) (2) (3) (4)

M & CT 0.034 0.009 0.444 -3.603***
(0.024) (0.020) (0.312) (0.360)

M & No CT Mean 0.93 0.02 3.87 6.47
Neighborhoods 73 73 73 73
Observations 465 465 465 465

Notes: This table is restricted to include observations in Matching & Coordinated Travel and Matching & No
Coordinated Travel treatments. Attended meeting is an indicator variable = 1 if a woman attended a meeting
(columns 1-2). Attended alone is an indicator variable = 1 if the women attended the meeting alone with no
other women present (columns 3-4). Total women present is the total number of women present in the meet-
ing attended by a woman. Standard errors are clustered at the neighborhood level and are in parentheses.
***, **, and * represent significance at 1%, 5%, and 10%, respectively.

Table A6: Number of Women’s Travel Companions to Interviews

Total Adults Study Women Non-study
Women

Non-study
Men

(1) (2) (3) (4)

M & CT (𝛽1) 0.189* 0.137* 0.033 0.024
(0.104) (0.081) (0.023) (0.021)

M & No CT (𝛽2) -0.004 -0.060 0.010 0.032
(0.078) (0.060) (0.013) (0.026)

p-value: 𝛽1 = 𝛽2 0.034** 0.004*** 0.221 0.763

Control Mean 0.175 0.140 0.004 0.140
Clusters 106 106 106 106
Observations 693 693 693 693

Notes: This table presents treatment effects on the number of adults by composition of travel companions of
women who attended the interviews. Controls include baseline values of variables in Table 1 and Table A2.
Standard errors are clustered at the neighborhood level and are in parentheses. ***, **, and * represent sig-
nificance at 1%, 5%, and 10%, respectively.
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Table A7: Effects on Attending Interviews Controlling for Number of Days
between Meetings and Interview

=1 if traveled to the interviews with

= 1 if participated
in interviews Study women Non-study

companion

(1) (2) (3) (4) (5) (6)

M & CT (𝛽1) 0.139** 0.159** 0.099* 0.110** 0.048 0.082**
(0.054) (0.068) (0.051) (0.048) (0.030) (0.034)

M & No CT (𝛽2) -0.024 -0.041 -0.055 -0.077* 0.037 0.063*
(0.047) (0.054) (0.042) (0.042) (0.029) (0.034)

p-value: 𝛽1 = 𝛽2 0.005*** 0.000*** 0.002*** 0.000*** 0.737 0.608

Interview Gap Y Y Y Y Y Y
Interview Date FE N Y N Y N Y

Control Mean 0.154 0.154 0.096 0.096 0.035 0.035
Neighborhoods 106 106 106 106 106 106
Observations 693 693 693 693 693 693

Notes: This table presents treatment effects on the probability of attending the interviews. All regressions in-
clude controls in Table 1 and Table A2. Interview Gap controls for the number of days between meetings and the
start of the interview window. Interview Date Fixed Effects control for the 2-day interview window assigned to
women. Standard errors are clustered at the neighborhood level and are in parentheses. ***, **, and * represent
significance at 1%, 5%, and 10%, respectively.

Table A8: Heterogeneous Treatment Effects on Attending Interviews by
Number of Days between Meetings and Interview

=1 if traveled to the interviews with

= 1 if participated
in interviews Study women Non-study

companion

(1) (2) (3)

M & CT (𝛽1) 0.139** 0.122** 0.042
(0.055) (0.055) (0.032)

M & CT × Covariate (𝛽3) 0.026 -0.065 0.013
(0.136) (0.114) (0.075)

M & No CT (𝛽2) -0.020 -0.033 0.030
(0.055) (0.045) (0.034)

M & No CT × Covariate (𝛽4) -0.000 -0.060 0.028
(0.077) (0.075) (0.048)

Covariate (𝛽5) 0.047 0.094 -0.000
(0.061) (0.068) (0.040)

p-value:
𝛽1 = 𝛽2 0.008*** 0.001*** 0.722
𝛽1 + 𝛽3 = 0 0.231 0.595 0.426
𝛽1 + 𝛽3 − 𝛽2 − 𝛽4 = 0 0.155 0.120 0.973

Control Mean 0.154 0.096 0.035
Control Mean if Covariate = 1 0.192 0.164 0.041
Neighborhoods 106 106 106
Observations 693 693 693

Notes: This table presents heterogeneous treatment effects on the probability of attending the interviews. by the gap be-
tween meetings and the start of the interview window. Covariate = 1 if the number of days between the meeting and the
start of the interview window is less than the median for the study sample. All regressions include controls in Table 1 and
Table A2. Standard errors are clustered at the neighborhood level and are in parentheses. ***, **, and * represent significance
at 1%, 5%, and 10%, respectively.
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Table A9: Heterogeneous Treatment Effects on Job Search Beyond Interview Experiment, by Nearby
Women Known, Feeling of Safety, and Job Search at Baseline

= 1 if made job search trips
= 1 if made job search trips with women

from neighborhood Number of job search trips

Fewer nearby
known (#)

Lesser feeling
of safety

Job search
at baseline

Fewer nearby
known (#)

Lesser feeling
of safety

Job search
at baseline

Fewer nearby
known (#)

Lesser feeling
of safety

Job search
at baseline

(1) (2) (3) (4) (5) (6) (7) (8) (9)

M & CT (𝛽1) 0.083 0.109** 0.133** 0.087** 0.100*** 0.103*** 0.323 0.355** 0.429
(0.067) (0.050) (0.051) (0.039) (0.033) (0.038) (0.253) (0.179) (0.261)

M & CT × Covariate (𝛽3) 0.045 -0.004 0.074 0.015 -0.024 0.082 -0.020 -0.181 0.265
(0.080) (0.134) (0.132) (0.052) (0.081) (0.094) (0.331) (0.314) (0.480)

M & No CT (𝛽2) -0.024 0.028 0.089* -0.004 0.012 0.041 -0.055 0.183 0.298
(0.066) (0.052) (0.052) (0.040) (0.034) (0.039) (0.218) (0.219) (0.250)

M & No CT × Covariate (𝛽4) 0.073 -0.044 -0.136 0.045 0.076 0.017 0.494 0.236 0.417
(0.084) (0.117) (0.115) (0.057) (0.073) (0.094) (0.300) (0.355) (0.754)

Covariate (𝛽5) -0.049 -0.015 0.150* -0.009 -0.033 0.034 -0.084 -0.103 0.434*
(0.053) (0.089) (0.084) (0.035) (0.054) (0.067) (0.164) (0.241) (0.230)

p-value:
𝛽1 = 𝛽2 0.071* 0.071* 0.291 0.019** 0.009*** 0.053* 0.079* 0.357 0.350
𝛽1 + 𝛽3 = 0 0.022** 0.386 0.099* 0.018* 0.305 0.035** 0.166 0.565 0.105
𝛽1 + 𝛽3 − 𝛽2 − 𝛽4 = 0 0.163 0.303 0.027** 0.137 0.874 0.128 0.694 0.548 0.980

Control Mean 0.160 0.160 0.160 0.061 0.061 0.061 0.330 0.330 0.330
Control Mean if Covariate = 1 0.129 0.107 0.323 0.052 0.029 0.108 0.258 0.107 0.742
Neighborhoods 104 104 104 104 104 104 104 104 104
Observations 560 560 560 560 560 560 560 560 560

Notes: This table presents treatment effects on job search beyond the interview experiment. The number of observations is less than N = 693 because it only includes women that we were able to follow up with during these
surveys. The reference period for the three outcomes is six weeks after the interviews at the partner factories and does not include interviews at the partner factories. In Columns (1)-(3), =1 if made job search trips is the indicator
variable for making a trip outside the home in search of jobs or to prospective employers. In Columns (4)-(6), =1 if made job search trips with women from neighborhood is the indicator variable of making any job search trip with
other women from their neighborhoods. In Columns (7)-(9), number of job search trips is the total number of trips made to the employers. If a woman visited multiple employers in one trip, it’s counted as one trip. Columns 1,
4 and 7 present the heterogeneous treatment effects by fewer nearby women known. Nearby women known is the total number of women study participants knew living nearby. We define living nearby as living in the same
housing structure and in adjacent and opposite houses. For column 1, Covariate = 1 if the number of known women is less than the median of the sample. Columns 2, 5 and 8 present the heterogeneous treatment effects by
lesser feeling of safety. Women’s feeling of safety is the average of responses to the question: How safe do you feel while traveling by the following means (auto, walk, bus) during the daytime? A higher score implies a higher feeling
of safety. Covariate = 1 if the average of the three responses is less than the median of the sample. Columns 3, 6, and 9 present effects by job search at baseline. Covariate = 1 if women reported traveling outside their homes in
search of jobs two weeks preceding the baseline surveys. Each column is a separate regression. All regressions include strata fixed effects and controls in Table 1 and Table A2. Standard errors are clustered at the neighborhood
level and are in parentheses. ***, **, and * represent significance at 1%, 5%, and 10%, respectively.
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Table A10: Heterogeneous Treatment Effects on Attending Interviews By
Distance and Travel Cost to Factories

Covariate

Distance to
factory (in Kms)

Travel cost
to factory (in USD)

(1) (2)

M & CT (𝛽1) 0.232* 0.141
(0.125) (0.165)

M & CT × Covariate (𝛽3) -0.031 -0.035
(0.026) (0.108)

M & No CT (𝛽2) -0.085 -0.105
(0.118) (0.124)

M & No CT × Covariate (𝛽4) 0.002 0.046
(0.025) (0.088)

Covariate (𝛽5) 0.009 -0.089
(0.026) (0.089)

p-value:
𝛽1 = 𝛽2 0.001*** 0.066*
𝛽1 + 𝛽3 = 0 0.050* 0.144
𝛽3 + 𝛽5 = 0 0.352 0.128
𝛽1 + 𝛽3 − 𝛽2 − 𝛽4 = 0 0.001*** 0.012**

Control Mean 0.154 0.154
Clusters 106 106
Observations 693 693

Notes: This table presents treatment effects on the probability of attending interviews by
distance and travel cost to the nearest partner factory. In column 1, Covariate = distance to
factory (in Kms), and in column 2, Covariate = travel cost to factory (in USD). Both variables
take one value per neighborhood and are for a one-way trip. Distance to the factory is mea-
sured using Google Maps from the centroid of a neighborhood to the nearest factory gate
in kilometers. Travel cost to the factory is measured by surveying private auto rickshaw
drivers in a neighborhood for an estimate of the cost of travel. All regressions include city
and area fixed effects. Controls include baseline values of variables in Table A2. Standard
errors are clustered at the neighborhood level and are in parentheses. ***, **, and * represent
significance at 1%, 5%, and 10%, respectively.
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B Experimental Design

Figure B1: Map of Selected Neighborhoods

Notes: This figure shows zoomed-in neighborhoods and their boundaries in Faridabad

Table B1: Content of Intervention Meetings

Matching & Coordinated Travel Matching & No Coordinated Travel Control
Content of meetings
Introduction of enumerator ✓ ✓ ✓
Women’s introduction ✓ ✓ ✗

Introduction about factory ✓ ✓ ✓
Details about job & trial ✓ ✓ ✓
About coordinating their travel ✓ ✗ ✗

How to reach to the factory ✓ ✓ ✓
Time for women to socialize ✓ ✓ ✗

Whatsapp group ✓ ✓ ✗

Notes: This table lists the content of meetings for intervention meetings across the three groups.
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C Pilot Experiment
In the summer of 2022, we conducted a pilot experiment in Selaqui, India, in partnership
with an apparel manufacturing firm that operates two factories in the area. As in the main
experiment, hiring occurred through walk-in interviews at the factory gate. We stratified
15 neighborhoods by residential area and randomly assigned them to one of three groups:
Matching & Coordinated Travel, No Travel Cost, and Control. A total of 139 women, screened
using the criteria in subsection 3.2, participated in the pilot. In the No Travel Cost group,
women were invited individually (as in the control), but were reimbursed for their round-
trip commute to the factory with a one-time payment of INR 50 (USD $0.625), redeemable
at the factory gate. The average one-way travel cost was INR 20, making the reimbursement
slightly more than the actual round-trip cost.

Table C1 presents the results. The findings are broadly consistent with the main
experiment. Among women who attended the interviews, 80% traveled with the com-
panions. Interview participation in the Matching Coordinated Travel group was 27%, nearly
three times that of the control group (9% mean), corresponding to a 13–16 percentage point
increase. The No Travel Cost treatment saw a 7–9 percentage point increase in interview
attendance relative to the control, roughly half the effect of the Matching Coordinated Travel
group. While the two estimates are not statistically different the point estimates suggest
that covering commuting costs improves show-up rates, but not as much as enabling
group-based, coordinated travel without monetary incentives.

Table C1: Results from Pilot Experiment

=1 if traveled to the interviews with
= 1 if participated

in interviews Study women Non-study
companion

(1) (2) (3) (4) (5) (6)

M & CT (𝛽1) 0.13* 0.16** 0.11 0.13* 0.02 0.01
(0.07) (0.08) (0.07) (0.07) (0.02) (0.03)

No Travel Cost (𝛽2) 0.09 0.07 -0.01 -0.01 0.10* 0.09*
(0.08) (0.08) (0.05) (0.06) (0.05) (0.05)

p-value: 𝛽1 = 𝛽2 0.636 0.402 0.102 0.063 0.137 0.180

Controls N Y N Y N Y
Control Mean 0.098 0.098 0.078 0.078 0.000 0.000
Neighborhoods 15 15 15 15 15 15
Observations 139 139 139 139 139 139

Notes: This table presents treatment effects on women’s probability of attending interviews (columns
1 and 2) and whether the women traveled to the factories with study women or non-study compan-
ions (Columns 3-6) during the pilot experiment. Each column represents a separate regression. All
regressions include area fixed effects. Controls include women’s baseline characteristics Table A2.
Standard errors are calculated using the bootstrapping procedure and are in parentheses. ***, **, and
* represent significance at 1%, 5%, and 10%, respectively.
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